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Abstract  The problem of dense subgraph discovery has important research meanings in many
applications in real-world networks. This paper discusses a new problem about dense subgraph
discovery, Top-£ attribute difference g-clique queries, to find £ ¢-cliques in which the dissimilari-
ty between each vertices’ attribute is as large as possible. The attribute difference ¢-clique is a
dense subgraph combining both the characters of structure and attributes content, and the queries
will find teams in which members’ attribute (e. g. , research field or affiliation) are different from
each other in a co-authorship network. This paper gives the attribute difference measure of ¢-
clique and shows the problem of finding the maximum-difference q-clique is NP-Hard. This paper
proposes a query algorithm AD-Qclique for the problem of attribute difference g-clique by using
branch and bound strategy and optimizes the node visit order according to best-first order. This
paper conducts extensive experiments through ACM author information dataset, which show that
AD-Qclique obtains an order of magnitude speed-up comparing to BSL and all the authors in the
result set have high H-index value and wide field of study.
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