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Abstract  An uncertain graph can represent a large number of possible graph instances. This
greatly reduces the efficiency of existing frequent pattern mining algorithms. The paper proposes
a random walk based K-maximal frequent pattern mining algorithm on uncertain graph set. First-
ly, each uncertain graph is converted to a graph without uncertain information. Candidate fre-
quent patterns are retrieved from the converted graph set. Then, the candidate frequent patterns
are transformed to corresponding uncertain graph pattern and searching space of maximal frequent
patterns are constructed as well. Finally, K-maximal frequent patterns are selected from all max-
imal frequent patterns equiprobably. Theoretical analysis and experimental results show that the
proposed algorithm can efficiently retrieve the K-maximal frequent patterns of an uncertain graph

set.
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early stage focused on presenting data models for uncertain
relational databases, the existing works have proposed algo-
rithms for efficiently process queries on probabilistic graphs,
and for mining frequent subgraph patterns from uncertain
graphs. But for a maximal frequent especially in massive
large graph database, there isn’t any efficiently work. The
paper proposes a random walk based K-maximal frequent
pattern mining algorithm on uncertain graph set. Through
RAKING K-maximal frequent patterns are selected from all
maximal frequent patterns equiprobably. Theoretical analysis
and experimental results show that the proposed algorithm
can efficiently retrieve the K-maximal frequent patterns of an

uncertain graph set,



