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A Newton Algorithm for Nonlinear Regression

HAN Min WANG Ya-Nan

(Faculty of Electronic Information and Electrical Engineering , Dalian University of Technology, Dalian, Liaoning 116024)

Abstract A Newton algorithm is adopted in static reservoir for large scale nonlinear regression
in the paper. Based on high-dimension ‘reservoir’ state space which translates the nonlinear re-
gression to linear support vector regression (SVR), the Newton optimization is investigated.
Meantime, the robust loss functions are adopted to restrain the interference of outliers. Compari-
sons with SVR(Support Vector Regression) and ‘reservoir’ Tikhonov regularization method in

experiment, the results demonstrate the proposed algorithm has a fast operation speed, high pre-

diction accuracy and good robustness.
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