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Abstract  In this paper, by analyzing the functional network, a new model and learning algo-
rithm of the serial functional networks is proposed. And the learning of parameters of the serial
functional networks is carried out by the gradient descent algorithm. Based on this, nine kinds of
serial function networks for solving classical functional equations and a kind of solving functional
equations method on serial functional networks are presented. The simulation results show that
the identification method presented in the paper has rapid convergence speed and powerful per-
formance. Contrary to traditional numerical method, this method in this paper could be used to

solve arbitrary functional equations.
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posed. And the learning of parameters of the serial functional
networks is carried out by the gradient descent algorithm.
Based on this, nine kinds of serial function networks for sol-
ving some important functional equations and a kind of sol-
ving functional equations method on serial functional net-
works are presented. The simulation results demonstrate that
the identification method presented in the paper has rapid
convergence speed and powerful performance. Contrary to
traditional numerical method, this method in this paper could

be used to solve general functional equations.



