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Abstract  Feature selection (FS) can effectively improve the speed and accuracy of classification.
The traditional FS approaches usually score a single feature, do not evaluate feature subset.
Based on the research in feature relevance, features can be further divided into four categories;
Strong relevance, weak relevance, irrelevance and redundancy. The paper proposes a forward se-
lection algorithm — An approximate Markov Blanket (MB) feature selection by theory of MB and
Chi-Square test, which obtain an approximate optimal feature subset. Experiments on the data-
sets suggest that, compared with original feature set, the feature subset obtained by the proposed
approach is much less than original feature set and performance on actual classification is better
than or as good as that by original feature set. Meanwhile, when used in high dimension feature
space such as text categorization, compared with other traditional feature selection approaches:
OCFS., DF, CHI, IG, the performance obtained by the proposed method is obviously superior to

that of others on 20 Newsgroup dataset.
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100%0. 3% 2 FRATAT LA Hh o SRR 43 28 g e 74
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org/~martin/PorterStemmer) {f J5 2 4t — {k A& Bl
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K H B F1iE 3l 5 T ) 5 35 rec. sports. hockey,
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alt.altheism. % 35 stoplist 51 32 o3& 8 6 = Al J5

0 JELUG FRAE B 24084, SR 5 F — 20 26 3 SORY H1 6
INF 3 BORAE , SR A 11167 A5 A B8R 7 3.
5 — A BdE 4 (computer) W4 5 28482k A 5 AL
&35, : comp. graphics, comp. os. ms-windows. misc,
comp. sys.ibm. pc. hardware, comp. sys. mac. hardware,
comp.windows. x. 2% JC & A1) 5 A9 R UG R AE 4
44753 A 25 SR IR B B 7Y /0N L I 1 SO
BANT 4 BRI  de 3R AT 7486 AR AE B B
T,

@ Blake C, Merz C. UCI repository of machine learning data-
bases, 1998. http://www. ics. uci. edu/_mlearn/MLRe-
pository. html
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Now feature selection is facing challenge in high dimen-
sion space, such as text categorization in information retriev-
al. Many current popular methods are good at select single
feature which has better capability to separate class than oth-
er features. However, most of the methods just consider the
relation between feature and class, leaving behind the relation
among features, which will result in redundancy. For this
problem, the authors proposed a new approach based on

Markov Blanket theory to remove the redundancy.



