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A Novel Text Clustering Algorithm Based on Inner Product
Space Model of Semantic
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Abstract  Due to lack considering the latent similarity information among words, the clustering
result using exist clustering algorithms in processing text data, especially in processing short text
data, is not ideal. Considering the text characteristic of high dimensions and sparse space, this
paper proposes a novel text clustering algorithm based on semantic inner space model. The paper
creates similarity method among Chinese concepts, words and text based on the definition of inner
space at first, and then analyzes systematically the algorithm in theory. Through a two phrase
processes, 1. e. top-down "divide" phase and a bottom-up "merge" phase, it finishes the cluste-
ring of text data. The method has been applied into the data clustering of Chinese short docu-

ments. Extensive experiments show that the method is better than traditional algorithms.
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the relationship such as similarity between documents is very
low in a great many conditions. However, neither Vector
Space Model nor suffix-tree model does not consider the rela-
tionship between words, so the distance of similarity which
computed by the traditional method doesn’t match the practi-
cal conditions.

This paper proposes a novel clustering algorithm of
short document based on concept similarity in Chinese text
processing. The paper creates similarity method among Chi-
nese concepts, words and text based on the definition of inner
space at first, and then analyzes systematically the algorithm
in theory. Through a two phrase processes, i. e. top-down
"divide" phase and a bottom-up "merge" phase, it finishes
the clustering of text data. The method has been applied into
the data clustering of Chinese short documents. Extensive
experiments show that the method is better than traditional

algorithms.



