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These projects are mainly to be devoted to develop the new
theories and techniques for the processing on the temporal
data and knowledge information, such as an implementation
on temporal query language, the temporal middle wares,
temporal variables, the methods on bi-temporal index, the
storing and query technology of temporal XML data, the ap-
proaches on temporal cooperation and so on.

The authors have implemented the middleware TempDB
V2.0 of temporal databases based on TSQL2 and the soft-
ware component TempKB V1.0 ground on generation rules.

The latter adopts the positive reasoning mechanism with tem-
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poral data which be driven by temporal demanding and sup-
ports the temporal driven constrain. These works are the
fundamental of the paper. In addition, the authors have also
completed the study on the semantics of temporal variables
and proposed the processing techniques of temporal data
based on these variables, and the manipulation approaches on
bi-temporal data in the variable database. And then, the au-
thors further extend these to the issues of temporal XML da-
ta. Of cause there are sharp differences between the temporal
relation and the temporal XML, but both two may be enough
to using the basic characteristic of the time periods of the cor-
responding data. The temporal relationships just are the key
issue of the works described in the paper, for example, the
paper builds the temporal index model by means of the tem-
poral connection and inclusion relationships, and proposes
the arithmetic of the query and update using the property of
quasi-order. The further work of the authors is extending the
TXIDM in order to implement the integrated semantics of the
valid time variable, and study the binding of the variable
within the operation of the temporal XML index.
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Discovering Signature of Potential Web Communities from Clusters of MCL

YANG Nan LIN Song-Xiang GAO Qiang MENG Xiao-Feng

(School of Information, Renmin University of China, Beijing 100872)

Abstract Web community is an important social activity in the evolution of Web. The paper an-
alyzes typical algorithms of present Web communities’ discovery. Under the condition of non-top-
ic pre-defined and implicit communities, a new method is proposed, which combine both charac-
teristic structure of community and the clusters of Markov Graph Clustering(MCL) to find im-
plicit communities. The procedure of deleting mirror or near-mirror pages is arranged behind
graph clustering so that decrease comparing cost considerably. Then a community member select

algorithm is used to produce the set of community candidates. The experimental results show the

new method works properly and many Web communities are inferred.
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Under the

ground of non-topic pre-defined and implicit communities,

.. i . .
Web communities’ discovery in the present.

they propose a new method. They combine both characteris-
tic structure of community and the clusters of Markov Graph
Clustering( MCL) to find implicit communities. This work
begins to apply graph clustering technology to very large
scale graph and gain progress. The next work will focused on
mining the hierarchical structure of Web and communities

and automatic topic extraction on clusters of Web.



