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A High Performance Two-Class Chinese Text Categorization Method

FAN Xing-Hua”®? SUN Mao-Song"
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Abstract  Text filtering for topic-sensitive information is one of the important applications in
text categorization. To effectively filter out the topic-sensitive information from Chinese text col-
lections is a technical challenge. This paper presents a high performance method employing a two-
step strategy to classify texts. In the first step, authors regard the words with parts of speech
verb, noun, adjective and adverb as candidate features, perform feature selection on them in
terms of the improved mutual information formula, and classify the input texts with a naive Bayes
classifier. A portion of texts which are currently thought of being unreliable in categorization are
identified, forming a fuzzy area between categories. In the second step, authors regard the big-
rams of words with parts of speech verb and noun as candidate features, use the same feature se-
lection and classifier to deal with the texts in the fuzzy area. The experiments on a test set consis-
ting of 12600 Chinese texts show that this method achieves a high performance. The precision,
recall and F, is 97.19%, 93.94% and 95. 54 % respectively.
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niques in information retrieval and knowledge management,
text categorization (TC) has attracted much research inter-
ests in the past decade. How to further improve the accuracy
of categorization is a big challenge in TC. Targeting at this

problem, a two-step approach is studied in the paper.
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