28 12 Vol. 28 No. 12
2005 12 CHINESE JOURNAL OF COMPUTERS Dec. 2005
1).2) D 3)
D 100080)
2 ( 100039)
B ( 100080)
. : OMKast;
ePKPL, OMKast,ePKPL VM(C ePKPL ). , . N
TP18

Design and Implementation of a System for Ontology-Mediated
Knowledge Acquisition from Semi-Structured Text

WANG Hai-Tao”®? CAO Cun-Gen” GAO Ying”

D (Key Laboratory of Intelligent Information Processing » Institute of Computing Technology ,
Chinese Academy o f Sciences, Beijing 100080)
» (Graduate School of the Chinese Academy of Sciences, Beijing 100039)
3 (Institute o f Software, Chinese Academy of Sciences. Beijing 100080)

Abstract  In the paper, a new ontology-mediated method for automatic knowledge acquisition
from text is presented. And based on the method, a system has been implemented and tested in
several applications. With domain-specific ontologies, knowledge acquisition from semi-structure-
d text is automated completely. Not only it makes human beings releasing from tedious manual
work, but also the efficiency of acquisition is improved remarkably. Additionally, it is a founda-
tion for knowledge acquisition from free text. This paper presents the main framework and imple-
mentation details of the system. It includes a) a method of ontology-mediated knowledge acquisi-
tion from semi-structured text, b) an executable parametric knowledge programming language
(ePKPL), and ¢) an ePKPL virtual machine. This system has been tested in three different do-

mains, including Chinese herbs, music, and west medicine, and the results are satisfactory.
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edge sources. OMKast introduced in the paper is an efficient
tool for such acquiring task. The experimental results have
shown that the system can not only be used for extracting
knowledge from textbooks, but also used in civil information

services.



