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Abstract The equivalence matrices algebra is extend to describe the low approximation, the up-
per approximation, rule extraction, relative core and relative reduction. A prototype system has
been designed and implemented in authors’ research, called RSORDMS, adding data mining ca-
pabilities to ORDBMS while preserving its traditional power. In the prototype system, a tech-
nique is adopted which combines rough set with SQL to make data cleaning and core computation

fast. The whole prototype system has a good performance.
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Background

In recent years, data mining is a hot topic. With the de-
velopment of data mining, on the one hand improving the
methods’ performance should be still on research, on the
other hand its architecture should be emphasized which is the
basis of data mining applied in practice. The current data
mining work still focuses on the improvement of perform-
ance. but its architecture is more important in the long term.

This paper discusses the architecture of integrating rough set
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and ORDBMS and solves the key problems to the core com-
putation, equivalence matrix algebra, etc. A prototype is de-
signed and implemented.
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