H39% A4 it A HL =5 Eire Vol. 39 No. 4
2016 4F 4 A CHINESE JOURNAL OF COMPUTERS Apr. 2016

MERSERPNBEURREZIRTE

WRE H 2 BEE AFE

DGl T B AL TR BE VLR S 222005)
D (L4 R4 BHEAT A UBPEBR & P VL0 2 222005)
D LRI RAL TR SRR R LI 200072)

BOE R 8 AR 0 M AT W ST AR T R A LR T RO R T e R T R . B A TE
S BUARARLT ™ IR o 3 2 T 175G 3 ANASY 22 B A P ) SRR 038 e 38 B 5 P B8 X B Tl 8 Sl 5 e MR AR AN 48 xS 3
H TR IR A P AR U P R B R %5 R I B T R AR B - (1) R BUAR R IR A G T FORY 22 1
Sl ESIATURER S PR T A T IERRT AR 228 8 B 3 M 4 (Ego Networlo) FYREAL 34 i T & LA
LTI B9 2 R 5 (2 AR IR i1 3 54 38 A9 R o B o T T P 0 28 D1 A A B0 3 58 0 8 25 28 B S P AR O vk
LAIRE 8] 1 Ay 20 285k 52 300 3 4 25 il LA 0 i oA 3800 SR e o S A (R P P A A B 2 T 5 O 5 L R A A R
B . OB IR GO ] R BT 2 AR SE L Aolb A B BRSO AR S NI 50 AR T LT S@n (I m
ASFUP B2 I P8 AR BEAT T ARBLT P S B0 552 36 40 B M B . 5 2R R L U R 2 T P T LT TR AR LT P B
S LI B L 5 % A6 S LA AR o Y A0SR 32 00+ Sl 28 ¢ BRI AR 81 R 5 A G M T3 7 Tk B8 S0 P A A
BERTHRRCR  LLE A OB 7 k1 S@n f5 bR 4R T 1. 3.

KW SRR AU 5 57 B 3R 4% 5 3 A A R 5 Sh A S A G M B AL S
P 5 4 58 0 288 5 B 42 9
MEESES TP301 DOI S 10.11897/SP.J. 1016. 2016. 00765

Discovering Similar Users for Specific User on Microblog

ZHONG Zhao-Man”? HU Yun” LI Cun-Hua” LIU Zong-Tian”

D (School of Computer Engineering , Huaihai Institute of Technology, Lianyungang, Jiangsu 222005)
2 (So ftware R&D Center, Jiangsu Jinge Network Technology Co. s Ltd. . Lianyungang, Jiangsu 222005)
D (School o f Computer Engineering and Science, Shanghai University , Shanghai 200072)

Abstract  Recent studies focused on users’ relationship on microblog, while similarity calculation of
microblog users is the basis for analysis of users’ relationship. Facing the problem of finding
similar users, the existing methods mainly centered on followers and fans. Application of microblog
dynamic characteristics was not enough when similarity between microblog and correlation among
users was calculated. The work proposed a new method on discovering similar users for specific
user on microblog. The method has achieved innovative points as follows: (1) Visitors were
introduced to develop the Ego Network Model limited to followers and fans, with increased diversity
of similar users; (2) Calculation methods were proposed for similarity between dynamic
microblog of users, as well as correlation between dynamic interactions of users. It took the time
slice as base for dividing dynamic social contact, and exponential damping as the accumulation
strategy. It made similarty calculation among microblog users more reasonable, discovering more

accurate similar users. With the case study of Sina microblog, we selected 50 seed users in
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academic research, business management, education, culture and military. S@n (score of top n

users) was used as evaluation index for experimental analysis and comparison among methods

discovering similar users. The results showed that visitors can extend the range discovering similar

users (the proportion of visitors was 32 % in the all mining similar users). Meanwhile, calculation

effects of users’ similarity can be improved with calculation methods for dynamic topic similarity

and correlation of dynamic interaction (S (@ n, comparing to the latest existing methods, has

increased by 1. 3).
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Background

Currently, social media is considered as one of the most
valuable information resources on the Web. Microblog is a social
media with strong communicating ability and convenient
operation, and users have established social circle similar to
the reality on microblog. Microblog has attracted great attention
of academia and industry circle due to strong communicating
ability of information and complex network structure.

Existing methods of users’ similarity calculation can be
divided into three categories: (1) method based on the users’
setting and microblog posts; (2) method based on social
network with followers and fans; (3) mixed method, which
has become the mainstream research method in the recent
literatures. However, visitors have not been used to discover
similar microblog users in relevant literatures, and time has
not been fully considered in calculation of microblog similarity
and interaction correlation, lacking further research on
microblog dynamic social contact.

Innovative points of our work are mainly reflected in
following aspects. Firstly, existing methods for discovering
similar users only consider followers and fans, based on the
use of social network on microblog. Visitors can reply and
Therefore,

visitors were introduced in the discovering method of similar

forward on articles on microblog of users.

users, with the proposal of Extended Ego Network to
increase comprehensiveness and diversity of similar users.
Secondly, in calculation of topic similarity and interaction

correlation, existing calculation methods for users’ similarity

fail to reflect social dynamics of microblog social contact.
Thus, dynamic constraints of time were introduced in the
calculation method, better reflecting dynamics of microblog
to discover more accurate similar users.
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