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Abstract  Group recommender systems have recently become one of the hottest topics in domain of
recommender systems. While most recommender systems are focused on making recommendations to
individual users, recommendations for a group of users are necessary in many daily activities.
Group recommender systems as an effective solution to the problem of group recommendation
incurs some new challenges for recommender systems research by extending individual users
recommendation to group recommendation. The main task of group recommender systems is to
satisfy preferences of all group members by aggregating preferences of group members with group
features and social factors. This paper introduces formal definition and a framework of group
recommendation, and then presents an overview of the field of group recommender systems
including preference elicitation, group detection, preference aggregation algorithms, social group
recommendation, evaluation and typical applications in different domains. In addition, the paper
discusses the influence of group features on effectiveness of preference aggregation algorithms.
Finally, the prospects for future development and suggestions for possible extensions are also

discussed.
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Background

Recently, Recommender Systems (RS) were widely used
for providing advice to people in order to select a set of
items, activities or products. Typically, RS are designed to
provide recommendations for individual users taking the
user’s interests and tastes into account. While most RS are
focused on making recommendations to a single user, many
daily activities such as watching a movie or going to a restau-
rant involve a group of users, in which case recommendations
must take into account the tastes and preferences of all the
users in the group. Group Recommender Systems (GRS) are

proposed to solve this problem.

In the past years, GRS have been an active area of
research in the field of RS. This paper provides an overview
of the current study on GRS and their application, including
system frameworks, group features, preference elicitation,
group preference aggregation, social factors in GRS, evaluation
of GRS and typical applications in different domains. In the
end of the paper, a summary for future research issues is also
provided. This work is supported by the National Natural
Science Foundation of China (No. 60872051) and the Mutual

Project of Beijing Municipal Education Commission.



