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tions of Large Language Models (LLLM), it also often has the problem of conflict between its own
intrinsic parameterized knowledge and external retrieved knowledge, which is called context-
memory conflict. The conflict is essentially a confidence trade-off between the internal and exter-
nal knowledge of LLLM in the decision-making process. However, when the two confidence levels
are close to each other, the existing static threshold or single confidence level strategy may easily
cause LLLM to fall into the uncertainty decision zone, which may lead to unstable answers and a
significant decrease in accuracy. To address this challenge, this paper propose Agent Conflict
Resolution Framework ( ACR), which realizes the unified modeling and dynamic fusion of the
confidence levels of external knowledge and internal memory. ACR consists of two agents. The
Evidence-Confidence Agent (E-Agent) quantifies the uncertainty of candidate answers generated
by LLM and combines with a lightweight Bayesian calibration strategy to map the internal memo-
ry and external retrieval knowledge of the LLM into the same metric space, which improves the
comparability of confidence and output stability; the Knowledge-Fusion Agent (K-Agent), on
the other hand, realizes dynamic allocation of internal and external knowledge fusion weights
through continuously derivable weight resolution function, taking confidence difference and coun-
terfactual stability into account. In the region of high uncertainty where the confidence levels are
close, the two agents collaborate to realize the self-correction of the answer through the feedback
mechanism. Extensive experimental results across five public datasets demonstrate that ACR
achieves an average performance improvement of 6. 08% over state-of-the-art methods on scenar-
io-memory knowledge conflict tasks with highly similar confidence levels, validating the method’

s effectiveness and stability.
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M OCTE B BRI A AU IE TR U 22 B2 A
Xt HCAS B . il ClashEval B3 4 1, 85 8 BE AL T B&
1. 8% (60. 4—>58. 6) , F SN AR vh 5 1 10 37 =
oh, A 2H 0 A R Bk B— e kMR RE . M
4 K-Agent(w/o K-Agent) I}, # K Vg 2 T R,
JuHAE Z Bk HEBIAT % 2WikiMHQA RS 80 B8 T %
8. 5% (68. 4—>59. 9) , KW H: [ 35 [N AX ik Ay ok £50xF
HABPORM B OIER . K-Agent BUE 5 LLM B4k
Ry EAS A AW, 0 A T N AN N TR R A R OB
R W ) B, 5% ACR HEZRAF TriviaQA (+
3. 9% ) Fll NaturalQA(+6.8%) F iy HEfReEsE T+ & N
3, W ACR i 4% -l A 5% =X 3 5 52 30 B[R]
W% E-Agent JH BR 5 I 22 4 K-Agent 42 it 0] 5§
A M K-Agent 1Y 2= SRR 8 BE @A — Db
e

F6 HEXIW
ViR ClashEval NaturalQA PopQA TriviaQA 2WikiMHQA
w/o E-Agent 58.6 ¥ 76.4 ¥ 61.4 84.0 v 64. 1V
w/o K-Agent 54.2 ¥ 71.8 Y 59.2 ¥ 80.5 v 59.9 ¥
w/o i X HEE 59.1¥ 77.0¥ 61.9 84.9 v 65.0 v
w/ o X 59.0 v 76.7 v 61.8 v 85.0 ¥ 64.6 v
w/o J 5 S IE 59.5 ¥ 77.5 ¥ 62.2 ¥ 85.5 ¥ 65.6 ¥
w/o X L il & 59.3y 7.1y 62.0 v 85.3 v 65.4 v
ACR 60. 4 78. 6 63. 6 87.9 68. 4
S UE PO A R R G X EE AR R K s SO S B0 UE 568 Ve fink 2 W) 3k — 20 B T T RS R Y
FHELIUE LU ik & B A R, FRATT IR — S B A 4 faf@tt 5 eEe .

ARPEAT IR SE R . SR AN 6 R, B BRAE— 1R
R R 2 T EOMERE T R, Ul B DU A RE B9 BT E £
THGE R PR e 5 4 B O TS A HE T OCHEME . o
FBR TR SCEE MEE 2UHE B B9 e B Ol 3 R UTIX
P2 7 18 3 5 22 B ) 2 5 52 2% 08 SO AT b o ik A

BEAh AR SCXE ACR B HIR {3 3k £ 68 1 ik 17
RS ANER 7 TR . YA ER R R IR AF AR IE B A
Zt, ACR 7F NaturalQA (NQ, 82.6 >+ 2.2).
PopQA(PQ,91. 8—>+1.6), TriviaQA(TQ, 95. 4—
+1. OHWPERE LT ACTIVE RAG, W 38 i
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AR AR A A R 2 A5 R L RS PR — W AR B E S B LLM 7R {5 B AT AN B A BEHIL AL IR 35
R7T WOMMIRANENTFERENITEMR
ik MR E R AN IR A AE LA 52 PR IC A JR
NQ PQ TQ NQ PQ TQ NQ PQ TQ
RAG 76. 2 85. 4 91.7 6.4 5.2 18.0 79.0 85. 2 88.7
ACTIVE RAG 80. 4 90. 2 94. 0 25.8 8.4 36.0 92. 8 §7. 2 95. 3
ACR 82. 6 91.8 95. 4 26. 2 9.8 37.4 93.2 91.2 96. 5

AR R RN AE & 2 1) . ACR 7E Natu-
ralQA(NQ, 26.2—+0.4) ., TriviaQA(TQ, 37. 4 —
+1.4) B RE W T ACTIVE RAG, L H TQ #
Fhik 3,996, & B H A3 33 2 25 0 4% P9 A0 0 TR AL
T LLM P8 s ZEAUR s AR id i il g 5 F
ACR 7 PopQA(PQ,91. 2— +4. 0) [ & 4 # #
— 25 B F I A B ) 4 AR L R i K-A-
gent 3l 25 43 Bt P A0 &6 TR AL E L AT SE B E AC-
TIVE RAG TR M B FEJK .

5.7 REIHAR

R it — LB E ACR 78 N AP HIH B AR BE ) B 42
AT B 4 T TR b g A R RE S AR SCIE R T — ANk A
NaturalQA FICE MR B ST 458, WE 5 B,
LG, LLM Py 38 32 12 1F 8 b 5 B¢ % “ Julius
Wellhausen” . 1M #M #RK: 2% 3 8] 19 HTR AL 35 45 1R 15
B “Jahwist 1982 & & 14 42 b dE 2% & Ibn
Khaldun” , JE 5 Bi-ic 12 AR sh o€ . et , S04 o7
240 ACTIVE RAG, [ i B A1 A0 A 2 1AL,
BWRHLRAN T Tbn Khaldun fE N %, 1 ACR N A%
DI iz vp 28, X & T ACR 1) E-A-

gent B SEXT Y AN HEAT B AT B AL R 4 0 DL
I 7 1 S W 7 I A T G — ok S 2 4 () A R s
] ZALHI AU S T 2R RAEEER BT ER
A B R RE T 5 R S L B 0 AR B AN
fEHE 0. 51 5 AR AR B AR BE 0. 49, KB B A5 FE R
BT AR B = B O 1) ) SRR 5 L B
B, EMIERE b K-Agent i F [ i VAL i Hr R
BN B A 22 5 R SRR E R T IA AAE TH
XA 2 96 25 {H 14 185 AN 72 M DX 8, K- Agent IR iR 1T
i e R R T 3 A e K g 1 sh A R A AL
SIS 1] T RS B 1) I L e N e A B IE
424 28 “Julius Wellhausen”, X — Z& # B} 5% 35 BH,
ACR FHEE Tt FH B — 0 25 190/ D 3R SR s 1 5 vk . R
ASCRE 38 76 A 2 P DX I o 30 A1 35 22 0 sl 5 k1) B
BLPSR ™, B RE A 20 2% /i 4 i 32 9% DBALLM AE 42 Cn
ACTIVE RAG) 7E 10 W45 158 SR A6 R F IR B B < B 17
HMEREHA I, 25 BRI IZ R BT BUE T ACR
E B B A AL A SR e 5 DXl L R A U BE 1A
17 N ) = 3 A R 7 R W A R (BL LY SOk DN
T2 T+ & % Im) 25 3 5T 00 A B R S B e

Q:Who was the 19th century German scholar ble for the classical form of the d

o 1
Ty yp

is who did not attempt to date the Jahwist source more precisely than the monarchical period of

Israel's history?

{V) mimmaon
ACTIVERAG

- L Reasoning process:

Reasoning process:

1. The documentary hypothesis is a model used by ..

: "19th
2. The hypothesis suggests that these books were

1. Identify the key information in the question;

2. Locate the relevant paragraph in the text: The

V) miEmsio
SRR

Docl:The Jahwist, or Yahwist, often abbreviated J, is one of the most widely
recognized sources of

Doc2:Michael D. Coogan suggests three recurring themes in the Jahwist tradition:
the relationship ..

3. The classical form of the documentary i 7 p g 4= Doc3:lahwist has a particular fascination for traditions concerning Judah,
2 - Date” section states, "Ibn Khaldun, the 19th century 5 et par e £
hypothesis German : including its relationship ..
4. Wellhausen's work focused on the composition . Y . Docd4:Jahwist is unique in hasizing a close rel hip between humans and
3. Verify the match: The text explicitly connects Ibn 5§
ANSwer, Khaldun to all the key elements in the question soil
Julius Wellhausen T, gy L DocS:1bn I\'hnl(lullx 19th century German scholar responsible for the
Answer: Ibn Khaldun Jo iz
classical form of the documentary hypothesis, did not attempt to
ACR
K dge Enhanced R ing Process:
1. Identify the Claim in the Text: “Ibn Khaldun, the 19th century
2. Detect Histonical Inconsistencies: 1bn Khaldun... He was not German and lived centuries before the 19th century. Jahwist's classical formulation is credited to Juline Wellhnusen =+

3 Resolve the Conflict; The text’s description of a " |9th-century German scholar” aligns exclusively with Julius Wellhausen, not Thn Khaldun . The attribution to Tbn Khaldun s factually impossible due to

mismatched nationality..

4. Analyze the Jahwist Dating Context: The text claims the scholar in question "did not attempt to date ] more precisely than the monarchical period of Israel's history." This matches Wellhausen's

approach:--

Answer: The 19th-century German scholar responsible for the classical form of the documentary hypothesis, who reframed from precisely dating the Jahwist (J) source beyond the monarchical period of

Israel’ s history, was Julius Wellhausen

& 5

0
(Ll ",

ACTIVE RAG 5 ACR 7¢ 8 {5 B 3 50 F 19 R ah & 5= 0 4 b7
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PUEA SRR B p, BRI RE LA
FEBE Au 52T R L Al A A G218 i 1] S L
Bl K-Agent fll E-Agent W [RI ALl A 2% 523 17 % &
— BN B A X R N R L B AR 3 IR D
Jo s BT EEA T G 22 5, 0T B O PR, A B 0
FRah o, A ACE A IS Y A f B 0% B0 B
ACR 7€ Z T3 AR E) 1) 3 25 7 il 3 72, 90 0E 7 A1y
TR A T AN S P D R DX T i R S R

1.0 F 11.0
ot
08} 108
=
= =
E 06+ 106 |
2‘2*__ g
04} Y04 %
E =
-~ b
02} e {02’

0.0 " " 0.0

1 2 3
AR Hr
K6 REREw B LEE
5.8 BSEERMELSN

A HTF Llama3-8B 7F NaturalQA #¥5 4E I,
XFRFEREC M R E T B BIH p FIBIE 0 8 7 #
SRR SR, SR A R A 7~ 9 iR,

FERL T i, U R RN A B R e X R E T
TE T=~0.5,p=0.8, BLALKE #1574, 090 M e i
WEE T FH2 0.9 5 p #2755 0.95 BF, ZHMR
W 344 1A 0 6 T BRI

0.9 74.0
738
736
0.7 34
b #
3
B B2g
g &
73.0
0.5
728
726
724
0.3
0.70 0.80 090 095
By
Bl7 R T & B p

P8 R M =3 I R PE BRI B R AR
YRFEVHED I N AIR B AN L, BT
R RAR Z AR AL B A B AR . I00 2 SR A B
2% BARAG BICA G, (B0 RS R R L] B T i
Bl 55 TR RCR

—+ = K

1 2 3
SR U HM
5 B 3 B R R B M1 AR A B

80.0

775k — — F i i
75.0
L s it SR
=700 F
E
675
650
625+
60.0

0.05 0.10 0.15 0.20

e
9 KB R R (E 0 /Y AR Ak i 34

0.01 0.02

BCAN o ik — 25 B6 R A T A PN A B A B A (R
i AN A D 5T R B, FRATT 3% B A R 2% (E
JERYRE A, IF ¥ F Rl 4y 5 A~ IXE 2 [0, 0.02),
[0.02,0.05).[0.05,0.10),[0.10,0.20) FM[0. 20,
1), B X5 4% DX ] R A 0 P B8 #E A7 42 11 43 7 - &
10 firzR . ATRAWLE S, 78 A5 22 S/ Dy IX ]

80
I ACTIVE RAG
I RAG

ASTUTE RAG
70 | CK-PLUG

[0,0.02)
K 10

[0.02,0.05) [0.05,0.10) [0.10,020) [0.20,1.00)
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Hofh k. Xk —25 R F W], ACR 7 e HL A i) o] 4 %
PIRTER T B 250 AN Rl G AR A8 T 5 Y o
BTk R Z WA BT K TR A B R) 4 1S
TEAZ BRI ARG T NI RER R 5 TR K5 FE-ROR AL
i b e 20 TG A AR SR R

ASTUTE RAG
R K OUR) CK-PLUG
— ACTIVE RAG
-= ACR
FAERUE (RR)
IRV S & T
6 B £

A SCER T RIE H B (LLM) £E DBALLM HE 42
r 5 38 T I A 17 35 - 1002 B g e R, O H R Y A
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TS B A RCE LR 5287 X N AR A A
B RA . RN E-Agent B A AT E ML I
3 o e DL S0 A v SR WK A R I A2 5 AD R AR R A
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A H M 5 A R E P s K-Agent i 3 2 35 5288 5E M
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Background

The rapid development of large language models
(LLMs) has greatly improved natural language understand-
ing and generation. However, LLMs often suffer from hallu-
cination issues. DB4LLM technology mitigates this issue by re-
trieving external knowledge during inference, but they introduce
a new challenge: context-memory conflict, where external
knowledge conflicts with the model’s internal parametric knowl-
edge, leading to unstable and unreliable outputs.

Existing methods typically rely on static confidence
thresholds for conflict resolution. which become ineffective
when the confidence levels of internal and external knowledge
are highly similar, forming an uncertainty decision region. In
this region, LLMs often exhibit unstable outputs, reduced
accuracy, and increased entropy in the generation process.

This paper addresses the above challenge by proposing
the Agent Conflict Resolution (ACR) framework. ACR em-
ploys two collaborative agents. The E-Agent calibrates un-
certainty by a lightweight Bayesian method to unify confi-

dence estimation. The K-Agent performs dynamic knowledge

fusion through differentiable weight allocation based on confi-

ment and analysis.
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dence gaps and counterfactual stability. ACR achieves robust
conflict resolution, particularly under high uncertainty.

Experiments on five public datasets show that ACR a-
chieves an average performance improvement of 6. 08% over
existing methods across multiple base models, demonstrating
its effectiveness, stability, and generalizability.
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