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Measuring Similarity between Microblog Users and Its Application

XU Zhi-Ming LI Dong LIU Ting LI Sheng WANG Gang YUAN Shu-Lun

(School of Computer Science and Technology , Harbin Institute of Technology, Harbin 150006)

Abstract  Analyzing user interest and building user profile is very important for microblog’s user
relationship analysis, which is the fundamental work for social network formation and analysis.
This paper mainly discusses approaches of microblog’ s user relationship analysis. We view
microblog’s social network as a weighted undirected graph, where users are treated as nodes
linked by edges, and the weights of edges mean the relationship strengths between users. This
paper defines user relationship strength as user similarity, and proposes several user similarity
estimation approaches by the use of various attribute information of users such as background
information, tweets and social information respectively and systematically investigated them by
experiments, the experimental results showed that social information-based user similarity
achieved the best performance. In addition, we tested them in user recommending experiments,
and social information-based user similarity also got the best recommending results. Finally we
applied social information-based user similarity to generate microblog’s social network, called as
user similarity network, on which we conducted community mining experiments, the experimental

results showed our approach is of remarkable performance.

Keywords microblog; social network; user similarity; community mining; user recommendation
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Web2. 0 applications such as FaceBook., Twitter, and Sina
Weibo and so on, are attracting more and more users to com-
municate interactively in various web communities. Web2. 0
media are viewed as a group of Internet-based applications
that allow the creation and exchange of user-generated con-
tent. Web2. 0 social media have massive user-generated infor-
mation, which should be deeply analyzed by social network
analysis approaches (SNA). So some researchers pay atten-
tion to SNA techniques.

In general SNA can be viewed as a three-level analysis
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in how to analyze user interest and construct user profile. On
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on how to estimate tie strength between users.
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influence, and analyze information diffusion. In this paper,
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designed; several user similarity estimation approaches are
proposed according to various kinds of user attribution infor-
mation. Then they tested them on some experiments. The
experimental results showed that social information-based
user similarity achieved the best performance. In addition,
the authors conducted user recommendation experiments on
them, and social information-based user similarity also
achieved the best performance among of them. Finally they
use social information-based user similarity approach to gen-
erate a user similarity network, on which they conducted a
community detection experiments, the experimental results
showed our social information-based user similarity approach
is of remarkable performance.
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