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Mirror Turing Test: Machine Recognition of Ancient Chinese Poetry
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Abstract  With the continuous development of Chinese culture and thousands of years of splendid
history. ancient poetry combines rich emotions, connotative souls and vivid forms perfectly,
showing the power of Chinese language. lLanguage is also an important research direction in the
field of artificial intelligence. Using machine-generated language is the core embodiment of
machine intelligence. Testing machine language is an important content of Turing test. The
ancient Chinese poetry generated by machine has passed Turing test preliminarily and can deceive
ordinary people. This paper puts forward the thought model of “Mirror Turing test”. Its main
design idea is to replace the tester in Turing test with computer, and require the tester to identify
the tested person and computer under the same conditions of Turing Test. If the test computer
cannot complete the identification of the tested machine, it is considered that the tested machine

has passed the Mirror Turing test. Considering that in the field of recognition, the ability of
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computer has surpassed that of human beings, it is more difficult for the poetry generator to pass
the Mirror Turing test. In this paper, the machine-generated poetry and the poetry created by
poets are taken as the test objects, and the model of integrating self-attention mechanism and
slice LSTM network modified by LDA theme model is taken as the test machine, and the Mirror
Turing test experiment is designed. In the experiment, ancient poetry is divided into three
categories: landscape, lyric and patriotic poetry. Eight data sets are constructed for each category
of poetry. Four models are used to test 24 groups of data sets. The test machine is used to
determine whether poetry comes from a poet or a machine, and the recognition results can reach
about 80%. The recognition accuracy of lyric poetry is relatively low, which shows that when the
poetry contains emotion and has more emotion, it will bring more difficulties to the test of the
machine. Behind the poetry is the poet’s soul, which can’t be imitated by the current machine in
any case. The research of machine emotion is the most far-reaching in front of artificial intelligence
research. The experimental results show that the Mirror Turing test machine can identify the
poetry generated by the machine, that is, the poetry generated by the machine that has passed the
test The poetry of Turing test cannot pass the Mirror Turing test, which shows that poetry, as
the crystallization of human language civilization, is still difficult to be surpassed by machines so
far. In the field of poetry generation, Turing test may be incomplete. The problem of Mirror
Turing test is the game between the testing machine and the tested machine. Human beings can
improve the requirements of Mirror Turing test by constantly improving the testing machine.
Considering that the recognition level of the machine can surpass that of human beings, the
computer that has passed the Mirror Turing test is far more intelligent than human beings. The

Mirror Turing test framework proposed in this paper provides new ideas and directions for the

subsequent research on Turing testing.
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Background

With the continuous development of Chinese culture
and thousands of years of splendid history, ancient poetry
combines rich emotions. connotative souls and vivid forms
perfectly, showing the power of Chinese language. “Natural
language processing is the Pearl on the crown of artificial
intelligence”, and machine-generated language is the core
embodiment of machine intelligence. Testing machine
language is an important part of Turing Test. The ancient
Chinese poetry generated by machine has passed Turing test
preliminarily, and can deceive ordinary people.

The Turing Test was proposed by Alan Turing. It
means that when the tester (person) and the tested one (a
person and a computer) are separated by an entity that does
not disclose information other than the test content, the
computer will pass the test and be considered to have human
intelligence if the human tester cannot determine whether
the tested person is a person or a computer through some
non-intelligent devices.

This paper puts forward the frame of “Mirror Turing
Test”. Its main design idea is to replace the tester in Turing
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the tested person and computer under the same conditions of
Turing Test. If the test machine cannot complete the identifi-
cation of the tested person and machine, it is considered
that the tested machine has passed the Mirror Turing Test.
Considering that in the field of recognition. the ability of
computer has surpassed that of human beings, it is more
difficult for the poetry generator to pass the Mirror Turing
Test. The experimental results show that the Mirror Turing
Test machine can identify the poetry generated by the
machine, that is. the poetry generated by the machine that
has passed the Turing Test cannot pass the Mirror Turing
Test, which shows that poetry. as the crystallization of human
language civilization, is still difficult to be overtaken by the
machine so far, in a certain sense, if there is the incompleteness
of Turing measurable, then, the essence of poetry, the human
language, is the first pass to break through.
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