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Abstract  Social media is a kind of new platform for user communication. It contains rich user
generated resources and user communities formed by operating the resources. Searching the
users, resources, and their relations is the major goal of social media search, which can be realized by
modeling the relations among users and resources in social media. There have been a lot of research
results achieved on the field of current social media search. This paper gives a social media search
system framework based on these results, and describes the effect of modeling users, resources,
and their relations in the framework. Moreover, both users and resources are regarded as entities
in this paper, the relations among users, among resources, and between users and resources are
all regarded as relations among entities, and social media search studies are categorized into entity
search and relation search. For the two kinds of search, based on the structure of entity relation
model and the relation measure among entities, a comprehensive survey of the relative work in
this research domain is given respectively. The paper also analyzes the problems and challenges

on the modeling techniques and finally proposes further research directions.
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relation search; social networks
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Background

With the fast development of Web 2. 0 technology, huge
amount of data is generated in the social media everyday.
How to find the valuable information from the massive social
media has become the major concern for both the academic
and commercial communities. Searching the users, resources,
and their relations is the major goal of social media search.
Recently, a lot of papers have been published for modeling
the relationships among users and resources in social media,
which plays a critical role for social media search. Although
many achievements have been made in this area, new
problems are continually proposed and new challenges emerge
simultaneously.

This paper gives a comprehensive survey on modeling

entity (including user and resource) relation for social media

search. The authors define 7 basic types of social media
search, and review the model structures and measure methods
for entity relation of different search types from important
achievements made by researchers on social media mining,
search, recommendation, and modeling. The authors also
elaborate the new challenges and research directions for social
media search.

In recent years, the authors’ group has focused on the
such as Web

related researches with social media search,

personalization search and recommendation, sentiment
analysis and opinion mining, multi-modality data mining, and
social media processing.
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