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Video Object Segmentation Research Based on Features Joint Modeling

LI Zong-Min GONG Xu-Chao LIU Yu-Jie

(College of Computer and Communication Engineering , China University of Petroleum , Qingdao, Shandong 266580)

Abstract Now there are many video object segmentation methods combined using many fea-
tures. However, these features are fused together through the sample weighted. We measured
every feature’s weight by the foreground detection, make it effective for foreground segmenta-
tion. Additionally, Gaussian model is built for each feature, which improved the quality of seg-
mentation effectively. Then more accurate results are obtained with the shadow detection method
based on the invariant color features. We use the RGB color features and local binary pattern
(LBP) in our experiment. Experiments on videos demonstrate the efficiency of our proposed

method.
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