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Abstract Recommender systems in location-based social networks have recently become one of
the hottest topics in domain of location-based services and social network analysis. The main task
of recommender systems in location-based social networks is to mine the data of users’ trajectory
and social activities, abstract geographical features of users’ movements and its relevance with
social interactions, exploit them to develop recommendation generation algorithms. At first, we
will introduce structural characters of location-based social networks, then present an overview
about recommender systems in location-based social networks from a process-oriented perspective,
including system frameworks, recommendation generation methods based on multilayer network
data and typical applications. The prospects for future development and suggestions for possible

extensions are also discussed at last.
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