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Research on the Modeling and Related Algorithms of Label-Weight Rating
Based Recommendation System

KONG Xin-Xin SU Ben-Chang WANG Hong-Zhi GAO Hong LI Jian-Zhong

(School of Computer Science and Technology . Harbin Institute of Technology. Harbin 150001)

Abstract Recommendation System has been frequently applied into various e-commerce websites
and social networking sites. With improving users’ satisfaction, recommendation system has also
brought huge commercial interests. However, as the original data is incomplete and some
recommendation algorithms have their own special way of processing data, current recommendation
system sometimes cannot work very well. For example, some recommendation systems are
bothered with cold-start problem, difficult for complex interest recommendation problem, poor
interpretability and so on. Consequently, in the paper, we propose a recommendation system
modeling based on label-weight rating. In this system, first we will get the most accurate evaluation
and demanding information of users in a more concise way—label-weight rating method. Then we
will generate recommendations using improved existing recommendation algorithm. Finally, we
will show the recommendations to the users in the form of label-weight rating and make reasonable
explanation to users. In the extended experiments we design a series of movie recommendations

experiments to prove the effectiveness and feasibility of the modeling.
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12. I(u)<—L items which have top ratings //#Ef#

13, I <IN+ 1) //HEH7 45 5 85 LR A7 fk

14. return I(U)

PR AT 1 e W b A R AR A
25 (LAT) 4526 R 45 548 53 0 52 30U 4 3 53 4 B
() r A R BARAE (2~3 15) . Bl F &5 508 0 ff ok 153
LA B (4 A7) X T8 — P G PR 5 5 Al
FHEYARALRE  JF 48 P AL 4R BHZ P K G
BEIEANHP R TS K ERG~T
). 00 FaRE—AH P AR Z P B K348 Y AE 2L
JE AR KD T2 I A0 4 37 53 45 E 6 B o Y
RVE 53 B 15 3 50 BT LV o AR BE (8~ 11 47).
HR A5 ALV 23 R R P A T L A HER
IF BB 45 R AT B A B T 1R 18140 o 41 9
I(U) (12~14 17).

FH P AR SR F Ak 5% ARRUEE S AT 3R, A X
mr

. U v u
sim (u; su;) =

(2 7

k k
é Uu; * u;
=1

\/E(uf)z 'N/;(uf)z

Hep ul FoaR M 5 kAR

FEVE O R P HEAE W A 2 R A PR
BT FRAT b — 5 153 0 A AR A R AEAE
HEAE TR, 559 S HEFR 5 36— R R 25 P

XFF mXn AR TR BT R] 52 2% B S OGm™).
X S8 B AL R A AT B AT A2 Y BT DA
ARG TEREZ WA K. T IRAT A LT AT
k.
3.3 ELRUEEEREE

TE ST SR HE A S0 L P AEHE A2 5 | 3 i fE RT3
HEFA R, Ry 1 Wl 2D A 2 477 BT P BsF i) A S S X)
P AT R 26, B R 28, 48 5 P kAT
e, R AR Z P 5 & KR EH
FHBYARALEE TR B T P B 8 28 SR IR fE 2R
AR
3.3.1 WIgREEIL

PR SR AR SE R P A8 A 2 R A A kL
JFERIE TR R P 0 b 2 AL EE R AE S2F AT 40 R B 2R
25, T GER ZE i R A B e — 3y HUR TR
A EENER

AL B AR W IR S P B —
G R TOVHE B AE ] 5 E 4 DR B 2R
2l P b 28 B R AR AT AR R SR S L 1
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AL P 55 WA LR SR 5 A rb 32 5 AH {8
JE ORISR S 2R AT SO IR E N — D
EEZHT -G - B2 £ 2HFTRA
Fr B EL A IE R R L AR SR
BAEMZEAE, UIE LS THE P 5280 M U

AR RIS 4 fis.

Hik4 RBEEL

A FREMAFES U={u us s,

T B A L P AR B 2 B A Rk

Witk R MEE MBS U =(U, U, U )

N7 SUR i
U'={U:} U= {w )/ /A B P Sl s 28
simpool= & / /Tt s M AT Ko FLAH AL B
foreach u; €U do
for cach u; €U do
sim(U; U <=simCu; yu;)/ /F0BLBE
simpool<—simpool+ (U, U, ,sim(U, ,U;))
while |U” | ># do
Up<U,+U,/ /& I FLEE e R 2
. simpool<—simpool— (U, U, ,sim(U, ,U;))

10. for each U, €U’ do

sim(U, U< (sim(U, ,U) +sim(U, ,U;)) /2

11. sim pool<—simpool— (U, U, ,sim(U, ,U,;))

12. simpool<—simpool— (U, ,U; ,sim(U, .U;))

13. simpool<—simpool+ (U, U, ,sim(U, ,U,))

4. U<U—U,—U,//BEHMLRES

15. U'<U'+U,

16. return U’

BRI R\ SR A P R R S —
B, I simpool WITRAL R 25 (1~2 47), H
H sim pool ISR AT fith T A5 28 4 ASE A AH LU XS FIAH 8L B2
YR G0 0 BR R AR TH A S A 1 26 2 T) 1 A AR
JE IR AH L A A B0 0 AH B BE A7 il 2 simpool T
(3~611). HERMANEKRT b 0 G EAL (S ~15
1) s FHATUE B R AW IR 25 IF — Dk
(841D H N simpool BRI WA 46 38 4 i 1Y
AR FARALXS €9 47) . FFIEARTE B sim pool (10~
BAD AN RS RMEE—5MW
AP IEE AR AL EE (19 4 E (10 47) s HOA simpool H
F R A 53X B A ) 16 28 22— A 5 B AE RIS R0 AR AL
Xif s [ IS 35 000 32 28 5 08 288 21 5 19 AR ARL X AR B 2
(1~1341) , ERH 5% i A7 1926 (10~ 13 17). [d]
I AHAL S 56 5 o 25 BR AT 5 JF A PR 26 TR B
KB IMBNEA  A4~15 17) s MU REAR & A5 2E
BT AR AL 28 4R A A B 1. B B 40 PR LR
FH Rk Ak, EFIR B R A PHREES U

© o0 ~ (=2} wl = w [N —

(16 47).
TR HE 54 o R 05 L A7 3
FRLEE I AR Jaccard BB AR BLEE
L U u; |
St L M |28 P RO, 9364 fi LA
Bs L, Uy |05 P a0 A B
TE AL EE 38 3 e ) PR 5T A AT
FEL PR DL EE B 9 115 P A 5 B 5 A M0

u; * u

sim (u;su;) = Jaccard(u; su;) =

sim (u;uy) = —————F
' Fai 1+ uy |
Forb e, 378 P w09 B 28 B R AE 1) B AE 3.1
RIRZRCRGHiR

FRATTH IS A5 P A5 B A B {5 26
R P w BURLBE A0 o M A5 BT 2R g
TEIZ 8 M b B 22 10 J 1R (L. Aok B2 28 AR
J& AR b B A CE R AR B S (B D AR P Y
P B A A

SRR R OGn®) ot n J2 FH P I A4
3.3.2 FET LMY M HER L

BT R Yy b 4 12 R A AR - AR Y E
PRASRCE P23 Ja B A S P 9 i i s 28 A5 T
ik B SRS S B RS A R
AR A AR R e 2 B Ja ML B2 28 AR 8 5 45 AL
FRRAE 8 T IR 25 A 200 R AR R A R 4R 3
FLHT I B 200RE B 2 5 SR ) 7 200K BE PN AR 44 408 Je e it
FIESRKNM P AP 53 0 K D RESmH .
FFRRE KAz 28 % B 5 v o A5 BT R
A o5 B B e AR A P R T o B R AT
Py i M7

BRI 5 iR,

kS AETREMYMMERR L

A RUBLREE RALE R U = (U, .U, .- U; )

gk R KR U = (U, |U, ={U, | k=1,
2,0 YRR PR K AN AR R

i T w SRR R R SR TG0

EERT SR i
I1GO =/ /RSP i 51 R R %
foreach U, €U’ do
a; = simCuyu;) / /5 HURLREZE AR ML
find U; which has highest similarity
foreach U,y €U, do
aye = simd (U ) / /5 400K AR TR AL BE
{ind U;;, which has highest similarity
for each u, €U, do

oo ~ » wl =~ w Do —
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L
&

9. a,=sim5Cu,u,) //5HHNH L
10. find K neighbors N(u)

W= a, «ul /> a,// AR E BT Sy

11. ICuw) <L items Vs:hich have top ratings

12. return I(x)

BRI AR« B W R ALY S AR S RO =
CLAT) MU 5 0 2 0 7 45 S kL B 2R AU 5%
AIARALE (2~3 A7) F AR 5 2 i 1T P AR DL B
REPHRLEE R (4 D) AROGTE AT A 5 XM
WL E 5 N T S At R B SR AR R I AR AL (5~ 6
A1) e A 0 5 2 1 AR LR e R 1Y) 40 kL 2R
(T A7) PEAEARTT S G B 5 dnkn B 28 A
FUBAHALEE (8 ~9 1), IRk i A P iy K 3k 48
R KT AR R P05 B S I P R T
SrE QL0 A1), IF il P T L A HEA )
it 35 3R L) A AHE R A1 R TG (11 ~12 47).

AR B P AT A S e R B
J& B AR B2 2 5 AR B2 2 AR R BN R ARy &R Fs
M &0 Ja Az B 3. B ASE s I [R] 2 2% B o OCK, »
Ky« Ky Ho Ko O DR BE S50, K O 4R 2
MG K RN AR
3.4 RBRUWEHEFERE

ot B A A SRk AR E 5 | S ) S Bt T 5
B, B B A AR U B T P B e St
ST P BV 4 5 WAL R A3 Z R 22 8, DL
FH P 55 408 J B AR AR EE A S AR Xof &R J oK P 43 B 4
A7 VR e AR AR R IS 0 TP 8Os R T A 2t 5
A7 AR R AT HET

AR5 6 PR,

ik 6. FETHREREIE B R AE .

WA P RS

D' ={(usisrss;) s Cusisrasy)sers (uaisrys) )
P u 48R N (w

B NP w e ) R S 2R T (o)

L IGo) =&/ /R AR HER D) & 51 3y 2

2. Ar=F—r /[ ERIF ISR 2

3. foreach (u,i,r,s;) €D’ do //FREZEE AR 2%

4. As;j— getTagRating(5;) — getTagRating(s;)

5. foreach w, € N(u) do/ /¥ Hi 4B fE ¥4

S Ar/E R TAY

z a//l

7. foreach (u,i,rys;) €D’ do/ /T8 FikF &R EI4r

6. Fo=7i—

a

2 alll

8. update(getTagRating(5;) — * As;)

9. r=r—Ar//EHRZH RGPS

10. foreach (u,i,r,s;) € D" do/ /% H A bR 2 AL TE V143

11. update(getTagRating(5;) — As;)

12, ICG) =T LI MR (Sw)

13. return I(u)

VL TAR QR < S AG A0 AT T R L A
TR AT FARE P 8y #UAL 3 43 P B
S N s 1 A O TR R A =R A B
ZEMZER Ar=r—rQ2 1) X FRP RS E .
WRUAE A3 ARTE B 2 i P ) A S04 s 28 A
WO 5 B AR Z V0 B 2EBE As; B~4 47). X T
FH P 0y B A GBI 3% A 53 &8 I 14 D 3 37 23 TR AR 25
RS (G~8 A7), B UCGEA A Ar &Y i H]
F5 &R 3 AL BE s TR 3% AR S A i A PF 43 (6
1) MR8 As; XY T 5 48R 038 BLUEE @, 96 BR
ST 2 H AR E R R A E I (T~8 4T, H
B A 4B VP43 34 SR S BSEE  ak. B R BER Y
HIF P 0840 47 9F 43 (9 47D F AR T B S min -
TABREERE V43 0 FLEPE 43 (10~ 11 47). d 5
MTEL MR TR WY a5 3R 1w, FF iR 1]
WEEY) A 3 1w (12~13 7).

B T R AT S i R P
S 5 RATH AL PE 3 Z [ 0 22 85, AR e R iz A
JRRJE B AR G PE A Bl L SR R IR S OCD).

TR R e T R RS B Al ) TR A i A
#5596 B BHE S 4B B ) ] 2D Ol A AR 4R
HEF.

KT RATN A T TR E P BRR
PR R 6 B8 5 40 Ol N X B 2T B HE AR LR S
BT A HESE 3 R EEARHEREG L. 0 2.4 T
WA A AT DAAR A7 b i DRV 0 Bl A O 6 R AE AF
ME AT AR REPE 220X 3 A Y HTHESE R ST B By ) .
T AT A S B T UE AR SO AR R B A R

4 KIWIIE

BETARBALE PE B FRAT I T — >
RS, IF & T H R MyEclipsel0. 6, & 17 % 55 K
ubuntu 12.04-32 1 2 4. it B HL % H 3.10 GHz
Intel(R) Core(TM) 152400 CPU #1 4 GB N f%.

S5 v B AT T B B dh 4R 2 GroupLens 5245
FE LAY MovieLens f HL 520 40 $idis 42 i 8 4
A4 1000209 A - PF 5330 5% Al 95 580 >4k 28 Fili
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Wik sk, A 6040 A4S HT 7, 3952 FRHL B2 AL 1127 A~
br.

I 3.1 T HHE AL R ATTAS 20 P Y
A 3 BF- 43 LA B FH P FE 52 16 B 25 B0 P43 o s
TR I 1~5 43 R AR 0 AN W — L
AR WORIEE B B, [RAEFR AL E PP 43 A 1~5 R

SR P 5 AR DG ER B Ol A R AR Ok

B — P G B AR R S I RN AR A DR HK.
4.1 BERUEEEIR

FE B ST AT HL S 1 S5 op L FRATTHE P X

SR AT VE Ay BOE AR 3 50 4y IR My (AR 3L M=

8) K A T EE 7 B — IR L R M—1
0 F AR RN 2R 4 T A5 21 M ASBRL, FT X
M A HEE TR S5 26 1) 300 UE 4R 119 43 2 o 1 256 114 O 2 81
NEAR I PEREPE N FR AR, ARG PRI 3.2 AT LT AR
Wi S50 1) 40 ot 41 A B0 O P AR i S HE TR A1) R
T S S HEAE S R FRATR A 40 B . R A
FH PRS2 B UG PP 53 =3 43 i A B HE SR 45 T P

FEAT R T 0 DI 2 1 BE 1 6 AR 2 ERR R L A
MREMEREY, AN REMEEZ R, RS
B P EAER B S R S 2R R )
il P AT BE M R BR K. A0 R — A HERE S R BOR AR 4
FHP AT BT IR 4 8 5 R AR AR ARG 3l
Je 20 FE IR AR AU AR AR A #2756 R A X A
o s 2R S R R A AN S I O T
FRAEAT RS WEAHE T 14 22 A 0 R 0P 48 A R H
T 26 AR [ 422 WU S e 2R S 1Y SRR B Bk 4 1)
R P w M HEH1 2% D G Sy A4 o
P w VR4 AE 3 43 DA B HLSE 51 3R

AR 2 HEHf E A A BRI

DG N D |

_ u€eU
Precision = ‘I(u) ‘
D IGo N D |
R, _ ueU
()C(lll ‘D(u)‘

T i R A T R G R W TE SR D
T2 o B o B 48 b TEAR SO B R R
\uLerl(u)‘

1]

Horp U A e W P 45

3.2 TR BT AR E VR A 5 B o P A
RIVFo- s R LSBT 8 K & — R G 2
B AT R K JEAT 7R E S g S5 45 R A
% 1R,

Coverage =

F1 ETEFERNEFEEESE KSR TR

K R/ % A/ % LE R
5 16. 99 8.21 51.33
10 20. 59 9.95 41. 49
20 22.99 11.11 33.17
40 24.50 11. 83 25. 87
80 25.20 12.17 20. 29
160 24. 90 12.03 15. 21

M1 TR 5 K=80 A4Sk i
o T B SR A (] L 55 AR Rl DL Y Bl 4R R
H 38 78 55 3R 2 R W R AKX 2 R O 48 s B H
R 38 T 2 T 350 P HE FE 0 H B8R B ) T R
ITHLE , — S TS S A B HEE SR &
TRE.

R T AR SRS A A 7E VA (LWR-Offline) 1y
PR FRATE S K=280,L=10,Jf H 584 19
8 UPCC,IPCC ,PMF, QSA T %F H 5256 X
4 P EFE L A AR

UPCCH 3 A Jy 2 I Bz 7R b AH 26 22 B0xt F P
HEAT RS LR S5 B T AR P AT 4 it A

IPCCH 3 AN J5 32 0 FH Bz 2K 3 AH 56 28 250 9 i
HEAT RS R 5 S5 T AR AL i AT 400 it A 27

PMF"™ 3 AN Jy 2 36 F P W06 S hR 25 1 =
JC K R M PR IR] 5 R AR vk

QSAM XA Iy 1k 5 F -4 - bR & 1F 4 Y
B ot o (918 S BT AT 10 A A

X LGS g A5 R AR 2 .

K2 BREFHLESHWMEKEENLT

Algorithm W R/ % AEE/% BHER/ %
UPCC 15.79 7.18 18. 33
IPCC 15. 86 7.95 19. 15
PMF 19. 89 9. 83 19.17
QSA 21.43 11. 96 20. 02

LWR-Offline 25.20 12.17 20.29

A DL B, AR SRS AL 7 1 56 L 3 [l R 0 7 56 0%
AR T2 50 e HoAth Jy . Horp, 5 FhRLVA AE 7 25
R AR AET. T PMF.QSA A A SCE 2
AT AR — %, BT LUAE ME B % F0 A [l % | 22
T 7 B 00 T P B H 5 0 B ) o 20 4 A L T AR SC
(1) JE T AR B B VT 23 B BRSO T A 2 58
M IAT X AR 2 1 AL A 3 L r AFE PR BE L BT
PMF Fil QSA.

Pt A 2 1% L 52380 v DA L RV i O 1
PR B BN 5 4 (2B IF A B I 2 2R A
T R B L 3% 1 O MER R L Bl R L 35 R A L
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L
&

e MR AL 8] T 82 5. B R A X Rl 5
THR AT VE 43 0 BT A L DA Y 7 3k B I
B g T bR AU A L[R2 S T P Y s RO
G345 B BEAE X F P 1 il A ik s B 48 A 40 43 o TR
B RATRY (1) R A
4.2 EZUHTEEESH

AR LB FRAT 4 A B L A R R
LT AL O R WG B P o
TR UL PR T I 1) & ] P AT BV E B R T
fiff D3 5 B 0] g 52 2 X A 7 [ L

EHG VAT FEHLIEL N (A 30 N=1000) 4>
R 3. 1.1 T B Ak B AR AT X 2 [T R bR
AERUE V43 s AR B8 v it ax 28 P BV 4015 B
PE S D AR | ¥ Bk 28 T P 76 B8l 4 b i 37 43 15 B
TEOR B8 T S 0 A B A 1 o U 2 4 i aE vh Y
NARAPEEFRP Y X H PSR E2WER
S =i (a1 W LR T R o i TN D e B
R %8R SR I P A 2R A 7 530k i SR s P i
W 2R 3 i Je AR BE 2K L AR 95 1 P AR 4 AR T
Gy TEAIRLEE N 4R 28 J3 A48 25 5 X 9 b 1 1 415 B
TR A Y A B S BEAT P HERE
B AR N A RIEIE B a5 . B 4R
P w R4 TE 3 4 LA B HL S D (). 3 it
TELMERFIE GBI Y TR o, HER %A
o] 48 BT AR IR W) B e A HE T L

TR N ASH P 0B e 20 A 5. 5 ek
T 72 . Radom #fE 7% . Popular #fE 45 i 17 X} H 52
5. Hop, Radom #E 77 & 48 o Bk ] P BEHLHESE L
(A3 L=10)#RHL 5 ; Popular #EFF & 45 5 K Ry T
HEAF AR B i 19 LR SC L=10) FHL 5. &%
= 3 frs.

RI EREFEZMEE

Algorithm W=/ % BhEE/% HER/Y%
Random 0. 765 0. 455 100. 00
Popular 10. 730 5. 950 3. 10

LWR-Offline 25.200 12. 170 20. 29
LWR-Online 18. 150 10. 080 16. 17

M 3 W] LR B N A A B A AE LT SR 4
3 1 (LWR-Online) 7E PERE I 5 B £ i+ S0 4 47 5%
DA — i 22 3 R A BN O 15 ] 3 e 4
1E P B A B 0 A 4 P A5 B i U T R P AR
SEAN T A F 2 2 B 3 1 1 R R A TR R O
F Random #fE 75 875 F1 Popular #E #7515, B LA X}
TR DRVE 3 Bl R0 S T 2% R 7 o) AR 2 AR A T B

(0. 5 A o Xob L AR 5 i T 0 0 S 6 OB T v
¥4 Movielens B, iZ B 1k Recall € [1%,5% 1. M
B 1 £ B2 43 A, LWR-Online 5535 B 8 A0 T %
Bk, X H B B NBIYY B 8258 BOHE . Precision =
16. 2% « WA B B 11 B2 43 1 » LWR-Online 5535 4
T NBI 553k, # LWR-Online HA JE 5 4 19 1 6.
TiAh R T R Em AL R R IR AT A T
FACEAILTR S BR8P R i B HE A S g
BHAZ LI 1) 3.

4.3 RBUHEEELR

TGV LI N (A 3¢ N=1000) 4~
P E e T 3. 2 WINE LT B S R R Y
SERUCH P HERE LR SC L=10) 3B 5, [A] Bf $2
HEAR B AR PF 43 T8 20 4 7 A L B O B30 F S T
PLLORC L=10) ™%, 3 H R AR # 2H H
o7 F A 3R A% L 52 5 bR A Y M. SRS L P
AT DL 2o B 25 ACE F 0 6 A FE I LSS R AT RO R
GEAR WO T B T B HE R A AT T — R
HEH7.

TR IR B £ 19 N A PP
FEAE I A HI AR P w WA TE 3 43D
SRR DG BRI IR B L S S 15
AN TG . HE TR A ST 53 O 2 TR B
THEHMERE SC 0. 15 U U] P R AT AT K 1 530 £ 4 %o iR
25 MAE HEF7 1) HE B 28 AE 4 5 1 P S it M e 1Y
febR. MAE {15510 F

DU rCuad) — rCuad) |

u.i€D

MAE =

| D
Xt H SRR A R AR 4 K.

R4 REEFEZESHRRBERHMELELL

Algorithm MAE Precision/ %
Round1 1. 15 18.63
Round2 1. 03 20. 22
Round3 0.95 23.17
Round4 0.93 23.45
Round5 0.95 23. 44

M Al DUA A 1R EIS 5 42, Al
P R R A A AR S e X iR 22 MAE A T
17 20 3R T HER A T 250 4R T T FLil T 5 48
S ot 0 FH P B AR e SR A T R 2R AR
ATXF P R B AT A XU B AR SO T
TEMRRVE 5 Bl 5 5 2 4 ) ) 0

T3 50 TR T P RS T RS 4 A T 1Y 4
TR I R AT T — S R A A 3R
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15 65 44 F P JEAT 18] 4 Vol A5 < 405 ] P Rl a2 — 4>

F O RS R fL i L O EL 2wl B 3t 4 ol o7 i o 5

BEAL BRI LA AE AT PR I3, R R AR M AT X

o SEAE T AR B R L BT S T S

PEIR RS L P 6 B A N 1~ 5 3 s AR R

AN TG AN R B — Pl R AR T AR R
ALK 5 PR,

RS EEBERNAPOSAZE

By RSk 4
BT AU P 3.6 4
T ALY 4.2 3
I FhR % 4.4 2
T AR RE IS 4.5 1

M5 AT LA 6 3 T bR 25 AU B 2>
P18 R 2 A B S T TR D A 1) R AN (O RE T 4 Mt
25 AR 0 ot PO R AL T EL BB 8 8 ) i A JX 28 AR
EACER. A A R BT AR ST B 0 A R A i R
SR IR AT figp R 22 [ L L 4 I B

A Aok AR R 1 R A A 1 A R R R
B 7 5 O SR A 1 Bk A S B XS L, T LA
H A S AR ) A R L [ R B A R X R T AT ik
(1R BB D A Pl [ 26 5 U B % T R 25 AL
FPF O IHETE AR SR BEAR B R X R WA SO 7
A B

TR R 25 R HE SR R GEAFAE IR A B A%
A 7 PR M L AT i R 22 3 AN IRl AR SCHR Y T
PREEALE P Ir RO HE A2 R G AL, 0 M T IR T
(3 i Oy TR A e ax 3 A Tl B g DB .
TSEBLE 3 Rl T A IATHEAT T A0 B ik i TR
ABIFTE. fi i i i 52 50 B ik 7 A SCHOR B A Rtk

AR AV J T b3 26 AT 1 HE 7 2R GER RORFIA
BE AT #E— A 0 238 R I K. 53 Ak —
TR R (T 5 A 2 T 4R i e R K i 4R
JoHR: & R — A 4R v R (Y o

2 % x ™
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Background
Recommendation System has been f{requently applied problem.

into people’s real-life.  With improving users’ acceptance,

recommendation system has brought huge commercial
interests. However, as the original data is incomplete and
some recommendation algorithms have their own special ways
of processing data. current recommendation system sometimes
cannot work very well. For example, some recommendation
systems are bothered with cold-start problem. difficult for
complex interest recommendation problem, poor interpretability
and so on. There already have existed some methods on
solving these problems. However, they all have their own

restrictions. As far as 1 know, there haven’t had any

effective methods to solve complex-interest recommendations

In the paper, we propose a label-weight rating based
recommendation system model. In the model, we will get the
precise information of users’ need by the simple way of using
label-weight rating. Then we will generate recommendations
using improved existing recommendation algorithm. At last,
we will show the recommendations to the users in the form of
label-weight rating. In addition, it is feasible for users to
give their’ feedback to the system and get more accuracy
recommendations.
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