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Recent years, with the development of location-aware
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objects are collected and then published for mobile-related
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may help people making commercial decisions, such as where
to build a restaurant. It also can be seen in traffic control
systems, analyzing trajectories of vehicles in a city may help
government to optimize traffic control strategy. Although
publishing trajectories is beneficial for mobility-related
decision making processes, it may represent serious threats

to individual privacy. since trajectories contain rich spatio-
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temporal information, which may reveal individual’s habits,

health condition, social customs, etc. In order to protect
trajectory privacy, more and more attentions have been given
to this area. In the past years, researchers proposed several
techniques based on k-anonymity, however, they could not
provide sufficient privacy guarantee since they are highly
depend on the background knowledge, the attackers hold.
This paper proposes a method under differential privacy,
which is a strong privacy model, as we know.
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