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Abstract Benchmarking refers to the quantitative and comparable evaluation of specific

performance metrics for a category of test subjects, achieved through scientifically designed test
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methods, tools, and systems. With the advent of the artificial intelligence era, new Al bench-
marking datasets, such as ImageNet and DataPerf, have gradually become consensus standards in
both academia and industry. Currently, research on the open-source ecosystem largely focuses on
specific research points, lacking a comprehensive framework for open-source ecosystem bench-
marks. Data consumers in the open-source domain urgently need foundational metrics and evalua-
tions, such as a project’s development stage, an enterprise’s open-source program capabilities
within the industry, developer activity, and project influence. To address the “data-rich but
benchmark-poor” situation in the open-source field, this paper proposes a data science benchmark
system for the sustainable development of the open-source ecosystem, termed OpenPerf. This
system adopts a bottom-up approach and primarily includes data science task-based, index-based,
and benchmark-based categories, aiming to provide diverse benchmark references for academia
and industry. This paper define nine task-based data science benchmarks, including open-source
behavior data completion and prediction, automated open-source bot identification and classification,
sentiment classification of open-source comment texts, risk prediction in open-source software
supply chains, open-source project influence ranking, prediction of archived projects, open-source
network influence index prediction, anomaly detection in open-source communities, and open-source
project recommendation based on link prediction. We present results for three representative
task-based benchmarks (open-source behavior data completion and prediction, automated open-
source bot identification and classification, and open-source project recommendation based on link
prediction), two index-based benchmarks (influence and activity), and one benchmark-based
reference. Notably, two of the index-based benchmarks have been adopted by the China Electronics
Standardization Institute as evaluation standards for open-source community governance. The
task-based benchmarks are primarily aimed at academia, providing researchers in different fields
with a relevant reference framework for their areas of expertise. The index-based benchmarks are
designed for industry use, enabling enterprises to gain detailed insights through various index-
based metrics; unlike task-based benchmarks, index benchmarks serve as standardized units that
measure specific attributes of the test subjects. The benchmark-based reference represents an
industry best-practice performance level, setting a measurable standard of excellence for specific
fields. Through metrics such as influence and activity, enterprises can understand the current
industry positioning of their open-source programs and the development stage of their open-source
projects. The experimental results demonstrate that, compared to other existing metrics,
OpenPerf more effectively evaluates the individual influence of open-source developers, thereby
fostering open-source incentives. OpenPerf’ s benchmark service can analyze the development
status of multiple open-source projects within a group from a macro perspective, quantifying the
activity and influence of different projects and providing valuable insights for the sustained,
healthy growth of these projects. Moreover, in open-source software courses, integrating
OpenPerf’s benchmark service with traditional grading methods allows for a more comprehensive
and fair assessment of students’ contributions. The critical role of OpenPerf in promoting the
sustainable development of the open-source ecosystem is further illustrated through practical
cases from prominent domestic companies and institutions, including Alibaba, Ant Group, and

East China Normal University.
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7 ﬁgﬁﬁ?Wﬂﬁ 300 JREREE . issue ¥ I8 4 i 2 issue g%%gﬁmﬁ HATH I MSERMSE
B B 20 A RHG TF U5 W
T S SR NI OIETTY R s g DEARRBURAE R L
8 o) 51-52] 1 i 7 S 4 FY A S EFBIRmER KRN F1,Precision
& T Bl SOk S R
o ETHEEWOF 0 BOPRE SRS IR ERE TR AT BB R E BT

VAT [ e pEoe54]

JFRPMER 2 L PRI 5.3 35

RS 5MIH o m# s IFESH

5 KRUEESKEENXEER

AT BRI 3 AR FR AT 55 28 BE v I 3K OF IR AT
s RN A S O IR A Sk AL S AR S 402
S T I ) R I HETE L g AR 4R PR AN
FEARSTFIES R, G et R F HE RS
KA
5.1 FiRE{TAHBEWNEETN
QPR &/ E S
Ry T B Ik R A AR Y 3 R S0 B L AT
% M OpenLeaderboard® W3¢ 4 T 2020 4F 4 4E 1%
BREE B 19 5 AN IR0 H B9 AT Jy $iodis 48 317
H i a1 5 Pytorch, Skywalking ., Tensorflow. Tidb.

Vscode, #RJ5 Fifi Lt X 350 5 o 19 47 R B0 2 17
i - AT BE b I8 35 22 AR R A H AR L R I e
TR R AR AL T 5 Sk A A I

(2) TEM F8 br

SR T BRI A% AR St R S 1 R A SR L ) I 2
B T NMSE .NRMSE .NMAE =/ EM 45 b5
FERPEM bR . AR BT

AMﬂﬂfz(TéT§j(Y;—Y;V)/(TéTEjYﬁ)(R

i,teN i en
NRMSEA/(&ZEQGC—QQV)A/(&”;%YQ
(2)

@ https://github. com/X-1ab2017/open-leaderboard
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1 - 1
NMAE= (23117, —v, | / LSy e _
(rar 2 ) G 2171) 5 ==
Fob L Y, SR BU A L Y, S I 0 OS2 5 B =

%R NMAE #l NRMSE 32 2256 i B 5
SR AE 2Z 18] B 26 5 . 1 NMSE D)5 50 i {8 A
S PR B Z ] AR R 22 57, 33 = i 48 B &5 4 kS Ok R X
R 1 Fo0I 4 BE R AT 42 T A VT AR

(3) Fk MR S5

AT % % B T TAMFS®Y | TRMFYY | L-SVR
(Linear-SVR ), L-R ( Linear-Regression ), KNN,
iForest,K-fold fl R-chain(Regressor-chain) {f k3
HEMNXS L . TAME & —Fh 455 /B2 g 5 A e
VSR T A TR 425 T B I 80 B30 Y e S R ]
PEFFAE . TRME J2 56 T 181 J7 S48 Hh A9 B, 7 i
WA BRI TERE. L-SVR B2 —F gty £
HEFUM AR, L-R 50502 5 F 9 [ B AL KNN Oy
SER T B o LB BY 5 iForest Sy AT D0l
FHY I 5 K-fold 1 R-chain iy & 2 Y AL &% 2 > 55
%o ARIIE T SeHs 8 R AR AR BB O [ E
fE 1000 CRT 9 » SR 5 1S BR ok 2% (B A1 i A HLAb 1
R TR 5 22 . 78 92 B 1Y 92 56 vh & B, SRk kAR
UCBAEAE B AR K F 1000 {2 22 M08 2R kAL
ok /N U B3 AT B TG 12 MBI TR G R S L S kAR
TR 22 B0R i 2 0d Z2 IR S5 )5, BEE T 1000 i
Bt SRR, B A B R SRR 5 AL
4 1) NMSE .NRMSE #1 NMAE {ff, [&] 3 1 LA
A AN FR AR A9 LEAE O .

M 3 a] LA BR T 78 Skywalking %46 46 1
BB IS A T KNN, L-R 1 iForest 7}, TAMF & H
AR BRS BE e 75 .l 20 A Skywalking

e Kfold
= Rechain

DataSet
NRMSE

25 - TAMF
m— TRMF
- LSVR
- R

- NN

g’ i

5
g
&

m— Kfold
m=m Rechain

Tidb

skywalking

Tidb
d

skywalking

K 3

Kode 4 e B TR S0 P s . I R W] TAMF X HoA
505 A SO Y R R TN 25 R B 4 . TAME 1
LTS @2 A A s R (USRS AR g B o T A
F 50 B0 4 S50 J 0 R A L G AR R B —
REAE 2 4 1 5k B 3 5 6 TR IR F AT O Bde AT
.

OSS 17 Ay Hi 4k 00 52 56 25

R3 OSSITAHHEMMKEER

B4 fe ki TAMF TRMF L-SVR LR KNN iForest K-fold R-chain
Pytorch NMSE 0.041 0.987 1.236 3,326 2.28 0.161 5,457 1.388
Pytorch NRMSE 0. 203 0.993 1.112 1.823 1.51 0.401 2.336 1.178
Pytorch NMAE 0.282 1.132 1.371 2.133 1. 80 0.518 2. 660 1. 356
Skywalking NMSE 0.235 0. 264 0. 886 0. 202 0. 21 0.143 0.353 0. 875
Skywalking NRMSE 0. 484 0.514 0.941 0. 449 0. 46 0. 379 0.594 0.935
Skywalking NMAE 0.471 0.671 1.059 0.482 0. 49 0. 448 0.636 1. 042
Tensorflow NMSE 0.024 0.031 0.051 0.182 0.04 0. 049 0.094 0. 262
Tensorflow NRMSE 0.157 0.176 0.225 0.426 0.22 0.223 0.307 0.512
Tensorflow NMAE 0.210 0. 250 0.253 0. 429 0.23 0. 250 0.318 0.526
Tidb NMSE 0.043 0.124 6. 462 0. 230 0.18 0. 546 0.272 2. 858
Tidb NRMSE 0.208 0.352 2.542 0. 479 0.43 0.739 0.521 1. 691
Tidb NMAE 0. 227 0.435 2.261 0. 449 0.37 0. 640 0.586 1. 682
Vscode NMSE 0. 234 0.326 0.482 1.528 0.61 1.753 2.709 0.516
Vscode NRMSE 0. 484 0.571 0. 694 1. 236 0.78 1.324 1. 646 0.718
Vscode NMAE 0.435 0.535 0.559 1.259 0.75 1. 207 1.516 0.677
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5.2 RFRASHUNMKFARNED X

(D i dadk

AT 55368 T GitHub 1 2021 48 3 F & 2022 4
3 G BR A P LA O 2 AL RE ) FIE 1 . [m) s
PIMEEHE R 100 2% H 28 By K TR0 2“0 BRI
B AR I P P BE LR RS T — 8 K P AE R
“REALIK P RO S . BIMANS fl BoDeGha™' 45
BoE AT 1 GitHub #HLEF AR 5 % , BIMAN
T ;1 R BIMAN B35 R 3R 0 ok iy pL a6 ATk 5
BoDeGha i = [f] B 2 19 REHE £ IF i & 5 BIMAN
1 BoDeGha 533 ) LA S 90 1 W] 5 B L ACRs X PS5
U AL A P gk . Bl X BIMAN
il BoDegHa 1y %5 4f% #F 47 il 4b 38, 38 HC T b A1 1Y
GitHub 1D, gE45 T 2023 4F A T BR A K P G BR A
RF 10026 HAE) o [R)IS B30 BRIK 7 B ALIK 77
“BIMAN i f2 " F1“BoDeGha I /7 i) 8048 5 I i —
MR FRNIR B, RIE W IRE K7W
BOIE IEAT I B e BE 117 A AH SRR LA R KA
AE B AT PE MR T OSS Hlgs A 284t

(2) P FE bR

H T PEAG BL g NIRRT R T
— F B bR UE 1Y L AR F 2] VE Al A bR B A VE A R
(Accuracy) FG & (Precision) . 3 Bl & (Recall) .
F1 4y %t (F1-score) P} AUC {f (Area Under the
ROC Curve), HFEZANXMT .

TN+TP

TP+FN+FP+TN
Horp, FP 3275 B 9] RiASE 28 T A 1F 1 674 A 5
TP 3R HAEG] A8 1000 2 iE A IEAE A FN &
AN B ARSI Ry 67 R IEAE A s TN KR H AR
1], e AT T Sy £ 1 SRR A

4

Accuracy=

Precision— —1 (5)

recision TP L FP

TP
Recall = ———— 6
T TPEFEN )
2 X Precision X Recall

F1- = 7
seore Precision +Recall D

AUC {H Bl ROC (Receiver Operating Charac-
teristic curve) fI£k T My F , ROC gl 26 2 LA 1E 1]
A R ECOE 1) 3 A O\ b 2 o 0 ith 2k AUC {H g
% T A0k 1 9] A0 6749 F) DX RE D TEDBROK U B
FERY Y [X 73 B ) AT

YEA B R A B R[] 8 32 PP TR Y 4y
JERE Ty BB R IE U0 E R I RE T 5 F1 2k $ioe

RS0 B A MR 5B 8 bn . EREE — E R E BOF
A ) B R A B1 R AT s AUC {0 S e 1 A58 78 A
T Xof AN (1] 53 28 5] N A 1 E G B

(3) B AR Y S

OSS HLas NHRGE 55 R T 2 FhpLas 2 > A
RUYEATSE 5, A 45 32 5 [ 5 (Logistic Regression) .
PR B (Decision Tree Classifier) | 32 ¥ [\ & #l
(SVM) . & B #h £ D1 M 87 (Gaussian NB) . K i 4
(K Neighbors Classifier) . i #l. £ #k (Random Forest
Classifier) , DA Je & [TEF X OSS HL & N IR BIE 55 %
it 1 45 A BotHunter™* | BoDeGHa fl BotHawk,
BotHunter 5 — F i i ] P #E SCH SCA A R
FI B 25 € 1Y Twitter I P02 & Bl a8 N 89 J7 5
BoDeGHa i i 73 #7 5 ¥F 18 AH 5 1) 2 2k 45 ik % 1 3]
GitHub A EAEHLE AIK T . BotHawk Al U il
2R PLas AN Hobd 5 CT/CD M AL
LE N D i N iR 87 ¢ N R A R =R A
XF EEAE B

100 000 025 050 075 000 025 050 075
ecision I

LogisticRegression
DecisionTreeClassifier

svo —

KNeighborsClassifier [N
RandomForesClassifier |
BotHunter
BoDeGHa
BotHawk
0.00 025 050 075
FFFFFFFF

000 025 050 075
AUC

B4 JFIR A S pLas Aoy e Sc i 4 R

MR 4 AT LLE . BotHawlk B8 AR X H A {75
AT AE Precision (0. 8930) . Recall (0. 8715) . F1-
score(0. 8821) LU Jz AUC(0. 9472) 1% 4 NE#r L 13
MBI T ERAEWMERE. ZHEFE T GitHub
2R S AL AIL A N K T B R AE S R X At 3 T
&A% GitHub gL A 474248

F4 AEEHUNBATEIEER

Model Accuracy Precision Recall — Fl-score AUC
Logistic Regression 0.9234  0.4427 0.5376 0.4856 0.5760
Decision Tree 0.7995 0.2188 0.7707 0.3408 0.5024
SVM 0.8936 0.3495 0.6767 0.4609 0.5414
Gaussian NB 0.9548 0.7514 0.4887 0.5923 0.5319

K Neighbors Classifier 0. 8309  0.2472 0.7406 0.3706 0.5119
Random Forest 0.8817 0.3441 0.8383 0.4880 0.6486
BotHunter 0.8649 0.2200 0.7528 0.3405 0.5512
BoDeGHa 0.8286 0.2354 0.7910 0.3628 0.5049
BotHawk 0.8799 0.8930 0.8715 0.8821 0.9472
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5.3 ETHBEBNMNFRTE#ERE

(D ¥ di e

AT 5 A HE T — A & I E W R R E P E
SR BE ) TF IR I H SRR A . i R A H A7
FEAR TR A9 TF & 6 B 300 B 22 1838 5 0 & & 7= 2
RI . AT 55 8 S AR R I R AEAS [R5 H
H R R R RN T 0 Ok B AR T & 3 30 E TR B

VERBEE ok, AT .
o ALA,
Rub—ZAl_ﬁAm (8)

Hop A RIT R« FEITH A RIS BRI, Ay [R) 22

ZRIRE R T 2020 N R IE R IH .
T 3 AR RS T A bR 2 O DL ST S ] Y P
VEORHR 25— R YA AL B AL BR 5 . 3R A% 1 3 A i
4E . Repo_relation, Repo_ topic il Repo_relation_
topic, H 1, Repo_relation ¥4 17 i A 32 I U 1
H BRI H B — R E S5, 00— 5%k
Repo_topic H7, 35 gt &R — T H L 45 P13
I 2Z F) A7 AR [ B bR 25 )3 — 4% 300 AR 28 10 T 5 Bl it
] kAL EE 3 Repo_relation_ topic $ #% £ & Repo_ topic
F1 Repo_relation B R & 540,

(2) P HE bR

AUC 7] L B oy — P AE . TE 48 & B R A
PRI o BE Ry Py D0 » O 4 op 3
W — ZRAFAE R 3L FL o BUE D P 2 I Py (A7 AE R
T Py AT RErE. 2R P> P s oA ek e 1
O s WSR Py =Py U D SR LB 0.5 g . ad gt
1T n UGXBER BT LA T LAAS 312" U 1 43 o
0.5 5y, B, AUC i35 AT LA IF

/ "
AUC = 1057 (9)

AL 1B AT ) TA) 2 VPN VR ORI — > B4
B+ IZAT: 55 {6 3248 b ok 7 6 0000 5 32 PHAT 58 I e
T B B ]

(3) Fo Y A5 7Y g 52

AR S X T 4 Fp 3L 4R 7 7 Node2 Vec ™ |

Attri2 Vec®™  GraphSAGEP®! | GCNES F1 4L T 45 &
JE ¥R A% BB RALVIRA, WRA, WICRA 1 Jy 4 1 5%
. Node2Vec J&—Fh 3L T DeepWalk o 9 i 55 15,
A RLAE ] P2 R R R 4E R R . Attri2Vee & —
il R AT 15 5 5 T T M R 4 5 R
BORE ) F R T MR R . GraphSAGE J2& %t ]
RIZEFEAT I L n 2= T RIREZE . GCN & —Fpaf 4
ey T B o B A 2] Jr ik, RA %
B DR /N 1 M (5] 408 T 79 0 B i T i 4 532 o L
KT KRB E AR 8. WRA #5454 RA f54n
TR 28 B A . IRA Ry &5 4 75 5 2 (8] 55 2% B 11
RA f6bR. WICRA Jy &G 7y 5 8 % B A% 0T o0
PER) RA $8AR . SEH XS HL A5 R AN A 5.,

Repo topic AUC Repo topic Time(s)
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- 3000

06 )
o
£ 2000
- E
02 1000
0.0 " » s 2 0 - Tz
2 g & & g g § & E g g

Node2Vec
Node2Vec
raphSAGE

Atri2vec

G
epo relation AUC Repo relation Time(s)

10000

—. 8000

4
S 06 C)
@ v 6000
Soa E
2 4000
0.2 2000
0.0 0
g @ g g g & 2 & 8
ol £ £ & & € g &
= =

Node2Vec
2
aphSAGE
Node2Vec
Attri2vec
raphSAGE

[c] <]
Repo relation topic AUC Repo relation topic Time(s)

10000

% 7500

5 g
o 5000
Soa E
2 i
0.2 2500
0.0 § o § §
e 8w = g W =z
¢ & § 3 2 $ v g 2 g
¥ A& g © = = 0 X & 3 © = = g
§ 5 £ s 2 5 £ g
2 <= ® 2 < s
9 o

Pl 5 1 TN Bk S g 5 2R

M5 af LAFE L RA 845 BUAR R %5 181 500R
RN 45 50 UM B A AUC (BT 98 T A
4 PP Ty . Hoas AT I () SR, T R A
BSEAE AUC f54R ER B AR BR T & L 2E T
TR A R R B R PN SR ACR O . [
WfRA BRI AR5k s A7 i E] B T IRALWRA
1 WICRA 7,

RS EETNEEIBRER

Model Repo relation Time/s Repo relation AUC Repo topic Time/s Repo topic AUC Repo relation topic Time/s Repo relation topic AUC
RA 394. 6628 0.9676 119. 3958 0.9593 392. 3663 0.9692
IRA 1240. 5222 0.9715 138. 4095 0.9618 1236. 6029 0.9718
WRA 1855. 0142 0.9727 126. 3657 0.9609 1755. 1089 0.9731
WICRA 2561. 7305 0.9759 161. 4153 0.9676 2626. 3151 0.9755
GCN 11396. 1526 0.9064 4309. 6158 0.9449 11460. 5472 0. 9006
GraphSAGE 4779. 3441 0. 8986 3614. 3415 0.9514 4945, 2739 0. 8956
Attri2Vec 497.9778 0. 8806 403. 2008 0.8513 547. 8489 0. 8806
Node2Vec 2373.1777 0.9220 1033. 8656 0.9475 2193. 7499 0.9239
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6.1 IEHKEH
6.1.1 JHERIESREL

HNWr— AT H 7R AE T8 BOR S X FIF &
FHBOR R IR R 2 5201 H U STk
FHEEZENE L. OpenPerl H# | —ffid 1l 48
THIT 3 B AR AT 9 20 I AR Ay 75 2K (Open-
Activity) R IH50 500 H i BRE 1935075

BTV R F AR E G B2 RS BREE iz A b
IV S A UMEAT D9 9 JIASURI 4 - 5 42 B

Ay =4/ Zw,ci (10)
O A SR RIS 2 3% 6 P b BT T R 1Y T BR
JE R, AT
A =>A, (1)
Horbo e i R UMEAT R BB w, X B EMETT A
AR AR 7 o A EE T AR SO T T2 TR A
AHPU g Ay ) W B B, JF R & R e AR IR &
B DR 2R AT T L A T IR T A L A A R A
X SEAE S TR E I T 2% B SR R AR X
SR 30 3o B S DA O 118 5 AR A R X N7 )RR ALE
o] &, AT DA 225 P AR RO . AR R IZ T 1 AT A 4% 2R
PMETT I ACE™ R« &L issue AUE Ky 2. 2235,
issue PFIEH 0.5252. &% # PR /4. 0679 .PR review
IR 0. 7427 PR 5 Ay 2. 0339, bR ACE (i [7] #
NG AL DAK i=§:i 457 W= A0 S
ARFTXF 2023 4 6 A GitHub H 4 5375 Bk 01 H
TG SHES S5 NS B S EAE I H
HERE MR IRbr . 25 NERR S H 2 500 H 51
BREGTF A FFa HR E Y B H M H &
S
M 6 AT L s pytorch/pytorch H A3 4
% i o /B OpenActivity {XHESS 6, NixOS/nixpkgs 4
AZ 5T & EEEB D H OpenActivity {4 1,
AR FEHR T AT LAE R R HE P 25 R 2 R . X2
H1 T OpenActivity 45 TF % & 19 W VE 47 0 B0 fn
AR AN 45 9. OpenPerf #2441t T 2023 4 6 H
GitHub 418, OpenActivity HE £ 7 10 93 H 4 i1
S5 DU A T & o 76 32 T B 3 BR 48 Bk 4R
B inF s 55 25 57 H A o 4 2R R AT R B, DA B Ik 4
P& FAE

6 MBEEREHAMILER

O Z 5 A8 H&HE  OpenActivity
NixOS/nixpkgs 1908 33956 5163. 91
home-assistant/core 3384 18402 4380. 23
microsoft/vscode 3557 16907 3643. 10
flutter/flutter 2649 15300 2938. 33
MicrosoftDocs/azure-docs 1774 9944 2884. 33
pytorch/pytorch 2102 52636 2839.17
odoo/odoo 1285 34123 2470. 15
dotnet/runtime 862 16641 2298.13
godotengine/godot 2247 11204 2114.51
microsoft/winget-pkgs 539 26600 1703. 35

6.1.2 R JIHE 4K

OpenPerf ¥& £ 7 — F 1 4 PageRank" ) 2 3
OpenRank i35 H #5200 77, 3 /E A w4 — 1
T R MR 77 1 o s

OpenRank il i3 7+ & & F1 6 5 2 8] 19 45 Fp U E
A R AL PR I 45 18T R 32 B AN 1Y A TE R IRGE
R B OpenRank {6 i DL A X 0K

v,(l—a,v)fzgzij:ijra,vvo
Horp o BT SR - a, 2R S0 Hw G (E
(TR BE L, 2 A MRS BE s J& DAY R
J ORI A B . IR H AR w, /d,
LR S IR aAE R0 M (EH U [ A LR
P WCSPEUE ], PIr G 5 LAY OpenRank {8 15 84 3]
— N m LR R

v :klir}}’v(k) :kliﬁrg[ASv“f“ +(E—A)2" ]

(12)

k—1
=1lim[(AS) 0"+ > (ASH(E—A)v" ]
k—>co =0

=(E—AS) "(E—A)v" (13)
OpenRank 7 155 H0 VR 25 T 43 R 28 85
M. Ry SE M5 TitEI e A
O M R B (K T A S A . R RAR
PR B A WK & 1. X T issue 5
PR W s MR E S IR P8 1 & 3 e B . # PR
TETEYSH A GG B AMETE 5020, TEH
FE AN RSB S O R B 25 22 S B P AR B
e H 55 A i EL B T 7 AR R AR DT D T Y X
B HEAE 0 AR 72 2 . OpenRank 227 | PageRank
1 BRINBELJE R, B 45 s i v b A 15 6 3 F
B UG H 5 85 V0 WA A T W0 265 N 1) {815 328 & 45 2 DM
TR EMENTUS% 6.1.1 75,

AN 2023 4 6 H GitHub 4238 3% BR 35 H
HirgEit 5 T 2 ey B o MR R
PageRank % k5 OpenRank #:47 %} k., PageRank
R4 R 3 22 [] ) i 4 O AR ok i £ B A I D Y B
PEL[RIAEFT DASE BT GitHub PhMEM 2, B
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PR 1 3 O T A I R B R PR A AR M 4 v
) H O PRI R )

B 7 n] 45, MicrosoftDocs/azure-docs i H )
B by Ml PageRank {H 5 i » fH OpenRank #H X}
HAh 551 H %5 1, home-assistant/core i H 1) Open-
Rank {HHF% 1. B T OpenRank i i 14X PageR-
ank FFORTFE I H 09 e B S 0% 18 A X
HoAFE AR O i o IR IR T AR PR EAT S %t 5
H o™ Az 19 52 i, S 0l 48 b HE P 45 2R R .
OpenPerf #2447 2023 4 6 A GitHub 41, Open-
Rank HE£4 HI 10 (9500 H Ge 1T 45 5% . LU H A IF & &
TEHE HBT I H 52 e ) 48 BOEFR AR I, 5 24 T 3 2K
S TR AR AT X L

R7 DEHZMAOHZMNILER

£ J JE R PageRank  OpenRank
home-assistant/core 0.015660 0. 0035 2393. 86
NixOS/nixpkgs 0.008743 0.0008 2207. 50
microsoft/vscode 0.015247 0. 0030 1960. 39
flutter/flutter 0.012138 0.0020 1460. 34
pytorch/pytorch 0.009624 0.0012 1421.18
MicrosoftDocs/ azure-docs 0.239616 0.0800 1216.01
dotnet/runtime 0.004141 0. 0006 1181.12
microsoft/winget-pkgs 0.061954 0. 0075 1106. 30
godotengine/godot 0.203330 0. 0450 1105. 51
odoo/odoo 0.175534 0. 0430 907.97

6.2 #RFFZEE . OpenLeaderboard HE 1T 5
OpenLeaderboard® A 4 I 2% HCH 2% 15
TARER2EBEHE R 0 —FOF IR T H, JfF 2022 48 6 AL
FHEES B IE R A, % H AT LUE B30 H ) HE
S FINEE T DL T fif B G Al 78 T U5 95 S8 1) BT ik
FHLAL L f# ] T OpenPerf H i) 52 0 7 17 BR B2 45 48 %
B UE T 3ok L6 g B0 28 S o G A R I H 5 )
HEF 7854 55 AT 78 SCIF 77 S S 48080  [) I i 44
HEHT (BN Top 100) IRTEAENPRATSE . A&l 6 s .

| Openteaderboard O

—R"/ZN,

SRIDHE] OpenLeaderboard, 1% GitHub ERyRY . TIEURFRE T TIEREABMNLHE,

BEERF 202387818

Bifc w0 WA FeE MG o ERE  OpenRank
X o em 2 BIE: Mot 2023/06 P
e U AR

aaaaaaa

eeeeeeee

sssssssss

Al E | v | S |3 |z |# |2

6 Openleaderboard Ti {H Ji& 7~

H i s OpenLeaderboard B £ i & &K 447 Mk T
U5 Gk B AT B o A A U A R T L Ak 5 R
b DXOUR 0 5 405 35 P43 3] 1 4 1 02 T
6.3 TUNAI1.MEBBFEFLETEHBME

MR A A f T OpenPerf g i 5w
FEUEXS Al FF IR 350 B 0 I A HEAT 5 08 AL A
M 2E— 25 T8 O 4 b TR U5 550 5 T & 0 3l » 80l
WEZ B AGeS 52 H I & i 7 s,

A- nueess BR BE  X# W& @y SREHANTFRS
P | | s =) \.
? Havenask 7 e J_'l' a = S““E -

eeeeeeee

1052 "

w @ ¢

7 BB E TR IR T A ST

ey ML B B BUSR A SR 22 I IR H A 2R A
WG BB Z 0 01 Tt A7 as 48 3 W5 | M sk
BT EBCERMIT A X . 2 RER AL SE R T IR
X s S A4 S A B R SCE G 9 i SR
HEE S FEW G EZRIT AFHSHIFE. R, X
B iz B S B T I e AR AP A o3 55 B S () AL Gk
VL A T F 2 AL X g R ATl
ol m] kA 1) 5 12 R Al T R o 4 BTHRAIA R . DA T
AE 0% AR 45 TT 42 & ) SE B BT ik 445 28 L 30 (1]

OpenPerf 76 T B % 1 23 7] 9% 3 1 52 0 g 45 50
HEAT 5, BB FRL U B T T e 3 SR % % HEAT
55 HHT AR B 0T K B B ) Bl s T —
E W2l - 9140 2552 S BUE A B 50 1, n] L
— € W S AL e CAnSeAe 2 B RS o N TR
UESZ IR 3 HE RO 1 AR SCRE R T 2022 4F 4 A —
2023 4F 4 H —AE [ UMEAT 0 BodiE B TT 3 A . e it i
T REA T Y issue PREEL, A PR 2, RAFHL R
N TP N NS R% 4 vy T o o e (] S
N M R A0 Y R R GE . 2022 4F 10 A
JHtf2R Al OpenPerf w9 52 00 7 15 B i HL) .

PRI AR L AT B A issue PRIEEL
IR 1100 7247, HB W EHRENRGE . ERAY
Wi 3 45 KO LA IS B H Y issue RIS B B

@ https://open-leaderboard. x-lab. info/
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encompasses nine key data science tasks, such as predicting
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prehensively. Notably, two index-based benchmarks from
OpenPerf have been recognized by the China Electronics
Standardization Institute, underlining the significance of this
system as an emerging standard for open-source community
governance,

Experimental results show that OpenPerf provides a more
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activity than existing benchmarks, directly supporting
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