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Sina Microblog Information Diffusion Analysis and Prediction
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Abstract In this paper, research is conducted on Sina microblog for the purpose of analyzing
information forwarding and propagation characteristics, as well as predicting propagation behavior.
Based on a large number of online data from Sina microblog, a variety of possible factors that
affect users’ retweeting behavior have been analyzed and various features have been mined and
modeled. Three comprehensive features, based on user attributes, social relations and microblog
contents, are used to predict users’ retweet behavior by machine learning classification algo-
rithms. The microblog topology graph on following relation is constructed, and the cascade
probability model is used to predict the propagation paths of a tweet, then a tweet’s influence can
be predicted. Experiment indicates that Sina microblog meets complex network characteristics,
and social characteristics have a greater influence on forwarding behavior., Furthermore,it verifies

the validity of propagation prediction.
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