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Mobile Application Integration: Framework, Techniques and Challenges
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Abstract With the rapid development of the mobile Internet, large amount of mobile applications emerge, the
types and number are still increasing. Handset manufacturers, carriers and Internet Service Providers also
lunched their own application stores, mobile application has become a new model of Internet. The related
information of the mobile applications exists in the App stores, professional forums and social networks; they are
always diverse, heterogeneous and dynamic, so it is a very challenging task to integrate the variety of the mobile
applications. The main task of the mobile application integration is to integrate the basic information of the
applications and other related information efficiently, and to provide effective application search, application
discovery and recommendation services. Mobile application integration is still a relatively new field of study, a
framework of the mobile application integration is proposed in this paper, some related works on some key
issues are analyzed, finally several future research works are explained.
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Background

Mobile Application store paradigm achieved big success
since it was firstly proposed by apple in 2008, motivated by the
successful case many companies such as handset
manufacturers, carriers and Internet Service Providers also
lunched their own Application store. So Mobile Application
store has become a new model of internet development. While
with the explosion of the mobile applications, a series of
problems come up related with mobile application search and
discovery, it is becoming a boring thing for the users to find
their desired applications. In order to resolve these problems, it
is essential to do some research on mobile application
integration. Mobile applications have many unique features
compared with the traditional web pages, so several
challenging research problems exist in the mobile application
integration, such as mobile application data extraction, mobile
application functional search and mobile application matching.
To our knowledge we are the first to exploiting the mobile
application integration problem. In this paper we analyzed the
characteristics of mobile applications and make some

summarization, proposed a mobile application integration
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framework aiming to resolve the problems arising from the
explosion of mobile applications, made a deep insight analysis
about some key issues. We want to help much more researchers
pay attentions to the mobile application integration related
issues that need to be addressed. We have done some
preliminary works and mainly focus on the mobile application
similarity computation. Mobile application similarity can
display how similar two applications are in functionality, and it
is the core issue to deal with the application search and
application match. We do some experiments and the results
show that our method works well.
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